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Matching Behavioral Theories and Rules with
Research Methods in Spatial Planning-Related
Fields

Heeseo Rain Kwon1 and Elisabete A. Silva2

Abstract
Despite the popularity of the “behavioral approach,” there is as yet a lack of guidance on the selection and use of appropriate

behavioral theories for specific planning purposes. Based on a literature review of 318 articles in spatial planning-related journals,

this paper presents a portfolio of behavioral theories by types of behavior, key variables, rules, and research methods. In addition,

based on the survey of twenty-two international experts, it cross-validates the findings and highlights particularly appropriate

theories for certain types of behavior dealt in related disciplines. Finally, the paper derives discussion points including the appli-

cability of various behavioral theories in urban models such as space and time-sensitive dynamic simulations.

Keywords
behavioral theories and rules, behavioral sciences, research methods, quantitative-qualitative analysis, dynamic simulation, agent-

based modeling, equation-based and language-based computation and models, space and time interaction models, coding, urban

and environmental planning

Introduction
The interest in the “behavioral” approach in the context of
behavioral sciences has increased in recent years in many disci-
plines. Following this trend, the psychological and sociological
aspects of decision-making, for example, the concepts of habit-
ual behavior, loss aversion, cognitive biases, heuristics, and
social norms are being highlighted when developing appropri-
ate methods for studying behavior in various domains including
the spatial planning-related fields (Asgari and Jin 2020;
Bandsma, Rauws and de Roo 2021; Bao, Meng and Wu
2021). Behavioral theories, or theories of behavior, can be espe-
cially beneficial in spatial planning-related fields in the land-
scape of the rising popularity of data-driven research, big data
analytics, and space and time-sensitive modeling approaches.
This is because behavioral theories can enable answering
“how” and “why” questions, including more qualitative
realms such as psychology and sociology in addition to the
more mathematical realms, and providing the rationale for
setting certain assumptions, variables, and rules of analytical
models to safeguard against a black box approach (Davis
et al. 2015; Elragal and Klischewski 2017; Kwon and Silva
2020).

Here, we understand “behavior” as the way in which a
“person behaves in response to a particular situation or stimu-
lus” or “a machine or natural phenomenon works or functions”
(Oxford Dictionaries, 2018), encompassing the action (or inac-
tion) taken by individuals, collective action, and system perfor-
mance from the perspective of complex adaptive systems (Batty
2005; De Roo and Silva 2010; Donaghy 2021). Also, we

understand “theories” as “bodies of knowledge that … aim to
explain robust phenomena” and “models” as “instantiations of
theories” that illustrate “the mechanisms that might govern
the processes into relevant parts, properties of these parts, rela-
tions between parts, and temporal dynamics of their change”
(Fried 2020, p. 336; Smaldino 2020). While this “behavioral”
approach is linked to the rise of behavioral economics which
challenges the notion of “rational” and “optimal” decisions
(Mullainathan and Thaler 2001), there is a benefit in taking a
broader perspective of “behavioral sciences” (i.e., studies that
“examine human activities in an attempt to discover recurrent
patterns and to formulate rules about social behavior”
(Collins English Dictionary, 2018)) and understanding the land-
scape of various theories of human behavior that one can apply
to research and practice.

A number of existing publications provide guides to using
behavioral theories in various disciplines. Among them, the
health sector, especially public health, is one of the fields in
the frontier of behavioral research (Clarivate Analytics,
2020). A scoping review by Davis et al. (2015) identified
eighty-three behavioral theories applicable in this sector; and
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frameworks such as the Theoretical Domains Framework
(Cane, Connor and Michie 2012; Richardson et al. 2019) and
intervention mapping protocol (Kok 2014; Fernandez et al.
2019) are being used along with other guidance (Prestwich,
Kenworthy and Conner 2018). Recently, Engl and Sgaier
(2020) proposed a toolkit to help researchers identify determi-
nants of target behavior based on behavioral theories and
provide guidance on the methods and strategies for health
behavior intervention. In environmental science, Morris et al.
(2012) shortlisted key theories of behavior related to forestry,
O’Brien et al. (2017) developed four key principles to guide for-
estry interventions seeking behavioral change, and Schluter
et al. (2017) positioned six behavioral theories in a framework
to facilitate the modeling of social-ecological systems. In trans-
port, Götschi et al. (2017) proposed a comprehensive concep-
tual framework of active travel behavior and Pronello and
Gaborieau (2018) reviewed behavioral theories and variables
especially for pro-environmental travel behavior. However,
there is not yet a publication that proposes guidance in applying
behavioral theories based on types of behavior across planning-
related fields.

While Kwon and Silva (2020) have identified and classified
sixty-two behavioral theories into four groups (factors, strate-
gies, learning and conditioning, and modeling) through a cross-
disciplinary literature review, there is much room for improve-
ment. First, it is important to further classify the types of behav-
ior because different behaviors get affected by different
variables, making some theories more applicable than others
depending on the contexts and purposes. For example, mode
choice such as cycling can be affected by pro-environmental
values in an ethical sense especially in some cities (Damant-
Sirois and El-Geneidy 2015) where “value-belief-norm”
theory (Stern et al. 1999) can be particularly applicable while
the choice between car and public transport can be influenced
by social status in some cultures (Hensher et al. 2013) where
“social identity theory” (Tajfel and Turner 1979) might be rel-
evant. Second, the hierarchy of theories, family tree, and over-
lapping concepts can be identified, which is important for
understanding the scope that each theory covers and the evolv-
ing nature that leads to the emergence of new theories, and for
identifying dependencies among theories when applying multi-
ple theories in combination. Finally, a portfolio that links theo-
ries with types of behavior, key variables, and research methods
can serve as a useful reference for researchers and policymakers
to identify theories that suit the target behavior and population
most appropriately, not to replicate existing studies but to
expand the understanding of the available theories (Painter
et al. 2008; Kwon and Silva 2020).

To fill this gap, this paper zooms into the behavioral theories
and rules used in spatial planning-related fields. It will first
explain the methodology used and propose a portfolio of behav-
ioral theories, a diagram of types of behavior, and a flow chart
of behavioral theories and variables based on the literature
review. In addition, it will add more theories based on the
expert survey and highlight particularly appropriate theories
for specific types of behavior dealt in related disciplines like

transportation, real estate, urban design, and environmental sci-
ences. Finally, discussions will be made about the applicability
of behavioral theories in planning-related fields, especially for
space and time-sensitive modeling approaches in the era of
big data analytics and data-driven research.

Methodology
Systematic Literature Review
Spatial planning is often understood to give “geographical
expression to the economic, social, cultural and ecological poli-
cies of society” (Council of Europe, 1984, p. 2). More explicitly,
spatial (or regional) planning in the public sphere is characterized
as “the management of change in territorially organized systems”
(Friedmann 1988, as cited in Donaghy 2021, p. 142). While
acknowledging the debate around this term (Allmendinger and
Haughton 2009), this paper uses “spatial planning” as a wider
concept compared to traditional land use planning, encompassing
the activities variously called “town and country,” “urban and
rural,” “city and regional,” “land use,” “land use/transportation,”
“environmental,” etc., planning (Taylor 2010), while retaining
the link with the spatial element to connect to the discussion
with time- and space-sensitive dynamic models in the later part
of the paper.

First, we decided to examine the threeWeb of Science catego-
ries of “Urban Studies,” “Geography,” and “Transportation” and
selected twenty-nine key planning-related journals, composed of
the top ten journals in these three categories by impact factor
according to the 2017 Journal Citation Report (Clarivate
Analytics, 2018) (Appendix C, Table A). While there are other
relevant WoS categories such as “Architecture,” we decided
not to include them to contain the scope of the literature
review and instead, conducted surveys with experts from these
disciplines to fill the possible gap (Appendix C, Table F).

Second, this paper searched all articles in the 29 journals
between 2010 and 2018 that contain “behavio(u)r” in the title,
except for transportation journals, which we included an addi-
tional criterion of times cited1 because the number of articles
was significantly larger than the other two categories. This gen-
erated a list of 318 articles: 78 from urban studies journals, 48
from geography, and 192 from transportation. The journals with
the largest number of articles that fit these criteria were: Urban
Studies (24) and Landscape and Urban Planning (12) from
urban studies, Global Environmental Change – Human and
Policy Dimensions (17) and Computers, Environment and
Urban Systems (15) from geography, and Transportation
Research Part A – Policy and Practice (47) and Journal of
Transport Geography (42) from transportation (see Appendix
C, Table A for more detail).

Third, by going through the articles one by one, we selected
only the ones that use behavioral theories or concepts in their
research. We employed an understanding of “behavioral
theory” as “a broad term for a set of pre-specified ideas or pre-
dictions aimed at explaining behavior” where “behavioral theo-
ries come from multiple disciplines (e.g., psychology,
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sociology, behavioral economics), and identify multiple deter-
minants or mechanisms of behavior including beliefs, motiva-
tion and intentions, individual differences, social influence,
and environment and demographics” (Hayes 1996; Hagger
and Weed 2019, p. 2; Carlson 2020). This generated a list of
152 articles: 31 from urban studies, 25 from geography and
96 from transportation. Other terms such as “model” were
included where appropriate (e.g., social ecological model).

Fourth, to produce a portfolio, we organized these articles in
an excel file, one row for each theory, containing information
such as types of behavior, behavioral theories used and defini-
tions, variables, rules, and research methods (e.g., data collec-
tion method, analysis method, sample size, city/country).
Type of behavior was classified into two levels of activity
(e.g., travel behavior as a main category and mode choice
behavior as a subcategory) and two levels of agents (e.g., indi-
vidual behavior as a main category and elderly behavior as a
subcategory) (more details provided in Appendix C, Table E).

Expert Interview and Survey
To complement and cross-validate the literature review, we con-
ducted interviews and surveys with twenty-two international
experts. We focused on selecting diverse experts, mostly in aca-
demia and a few at research institutes, with more than ten years of
research experience (average 23 years)2 from various countries:
54.6% from North America, 22.7% from Europe, and 22.7%
from Asia. We included researchers who use different research
methods: quantitative researchers who tend to be modelers
(36.4%), qualitative researchers who tend to be theorists
(27.2%), and those who are both (36.4%). We included research-
ers from various backgrounds in planning-related fields based on
their bachelor’s degree: architecture, landscape architecture and
urban design (31.8%), geography (22.7%), planning (9.1%),
sociology (9.1%), economics and commerce (9.1%), transporta-
tion engineering (9.1%), government (9.1%), and environmental

sciences (4.5%). The doctoral degree of most of these researchers
involved planning.

We carried out the interview/survey over two rounds. Most
interviews were carried out face-to-face (one virtual), and
some of the experts who participated in the first round partici-
pated in the second round as well through an online survey
form. Five participated in just the first round, seven in just the
second round, and ten in both. We asked to identify the gaps
in this paper’s diagrams, how the experts are using behavioral
theories in their own research, how some of the presented the-
ories can be applied in their research, and general opinions they
have with regards to behavioral research in planning, which led
to a number of important points that this paper discusses later.

Portfolio of Behavioral Theories in
Planning-Related Fields
Figure 1 shows an excerpt of the portfolio presented (see
Appendix A for the full version). 252 rows contain one
theory each used in 152 articles, as some articles use more
than one theory. An example of rows 172–176 in this portfolio,
of how individual travel/mobility behavior was analyzed by
Krueger, Vij and Rashidi (2018) using five theories, is provided
in Appendix C, Table B along with a detailed introduction of
the portfolio overall. While this list of theories was generated
from this paper’s review of selected journals in urban studies,
geography, and transportation, it can provide a useful snapshot
of what kind of theories were being used to study different
behavior in planning-related fields between 2010 and 2018.

The top ten most frequently used behavioral theories in the arti-
cles reviewed in this paper are: the “theory of planned behavior,”
“random utility theory,” “prospect theory,” the “theory of cogni-
tive dissonance,” “expected utility theory,” the “theory of
bounded rationality,” “Bayesian theory,” “nudge theory,” “social
ecological model,” and “norm-activation theory.” Twenty-three

Figure 1. Portfolio of behavioral theories in planning-related fields (excerpt).
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theories that were used in more than one article are marked with an
asterisk in Table 1 and short definitions are provided in Appendix
C, Table C (full list provided in Appendix C, Table D). We also
included articles that used behavioral concepts even if specific the-
ories were not referred to and many of these concepts are consid-
ered behavioral determinants in the related behavioral theories
(e.g., “norm” is a concept linked to many theories such as the
theory of planned behavior and value-belief-norm theory).
These behavioral concepts include many social elements such as
trust, social norms, crowd mentality and collective norm, social
network, and swarm intelligence as well as more personal ele-
ments such as personal norms, attitude, lifestyle, beliefs, fear,
habit, utility, motivation, emotion, perception, values, and self-
identity (full list provided in Appendix C, Table D). The analysis
methods frequently used by these articles include statistical
methods (descriptive statistics, ANOVA, regression, latent
variable models including factor analysis, correlation analysis,
cluster analysis, structural equation modeling, etc.), agent-based
modeling, Markov process and Monte Carlo simulation, GIS
mapping, and thematic analysis.

Types of Behavior, Hierarchy of Theories,
Family Tree, and Overlapping Concepts in
Planning-Related Fields
This paper classified types of behavior into two levels of
“agent” and two levels of “activity” (Figure 2) to take a snap-
shot of the detailed types of behaviors being studied in
planning-related fields, rather than to create a systematic cate-
gorization. As for agent, most behaviors dealt in the 152 articles
that this paper reviewed were individual behavior such as
pedestrian, driver, elderly, adolescent, and consumer behavior.
A few articles looked into collective behavior (mainly crowd
behavior) and government behavior.

As for activity, travel behavior was studied widely, espe-
cially mode-related behavior such as mode choice and switch,
walking (especially for the elderly), and cycling. (Note that
travel behavior is represented largely in this paper possibly
because putting “travel behavior” in the title is relatively
common for transportation-related articles.) Environmental
(mostly pro-environmental) behavior was also studied widely
including waste separation, air travel, electric vehicle adoption
and charging, and energy and water saving. Many articles
studied spatial behavior, including location choice of house-
holds and firms, trading behavior in the land market, and behav-
ior related to the use of space (e.g., riot and territorial, use of
urban parks).

Furthermore, this paper presents a flow chart of behavioral
theories and determinants that were addressed more than once
in the planning-related articles reviewed above. It illustrates
the hierarchy of theories, family trees, and overlapping concepts
to a degree as can be seen in Figure 3. One may find it helpful to
first identify the types of behavior (e.g., individual commuters’
mode choice behavior) (see Figure 2) and the domain of appli-
cation around which the analysis of theory can be conducted

(e.g., geography and spatial analysis, transportation, environ-
mental sciences) (Appendix C, Table F), and then use
Figure 3 to make sense of the data.

As can be seen in Figure 3, the most frequently used deter-
minants found in our literature review can be explained in the
flow of belief leading to value to attitude to intention, and to
behavior (Pronello and Gaborieau 2018). Belief and value are
concepts closely linked to social preference (e.g., altruism), per-
sonal norm, and social dilemma which are used in theories like
“value-belief-norm theory,” “norm-activation theory,” and
“game theory” (Klöckner 2013). Attitude is influenced by
emotion or affect both positive (e.g., satisfaction) and negative
(e.g., stress, fear, guilt, and grievance), and links with trust. It is
an important determinant of the “theory of reasoned action”
along with subjective norm (or social norm), which developed
into the “theory of planned behavior” by adding the element of
perceived behavioral control, and furthermore into the
“extended theory of planned behavior” by adding personal
norm (Klöckner 2013). Subjective norm is part of institutions
that theories like transaction costs theory and collective action
theory deal with, is influenced by social environment such as
culture and social network included in “social ecological
model,” and influences the formation of the personal norm.
Social environment then leads to the concepts of social status,
identity, and role which are covered in “social identity theory.”

Probability, heuristics (including past experience), and risk
(risk-taking or risk-averse) form another group of determinants
frequently used as part of “prospect theory,” closely linked with
the “theory of bounded rationality (Sun, Karwan and Kwon
2016).” The concept of probability is included in the
“Bayesian theory” and heuristics are closely related to the
concept of habit which leads to lifestyle and influences behavior
(Garcia-Sierra, van den Bergh and Miralles-Guasch 2015) and
the “theory of interpersonal behavior” specifically stresses
habit along with emotion and intention. The concept of risk is
closely related to threat and regret which are related to negative
emotions, and are largely covered in theories like the “theory of
cognitive dissonance,” “protection motivation theory,” and
“regret theory.” “Self-determination theory” includes the
notion of motivation (or motive and reason) which leads to
intention and the “theory of hyperbolic discounting” talks
about the delay discounting that moderates the relationship
between intention and behavior (Adnan et al. 2018).

In addition, this paper places other theories in three groups.
First, “Bayesian theory” is placed as a modeling theory along
with “social force model” which is linked with privacy and
emotion (mainly comfort and discomfort) and “graph theory”
which gets used in social science for social network analysis.
Second, theories about strategies for behavioral change
include “behavioral spillover theory” linked with social envi-
ronment and social diffusion (Nash et al. 2017), and “nudge
theory” which closely relates to the “theory of bounded ratio-
nality”. Third, some of the precursor theories mostly developed
between the eighteenth century and mid-twentieth century were
placed in the objective and quantitative realm with the concepts
of rationality and utility which the “theory of bounded
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Table 1. Behavioral Theories and Other Related Theories, Models, Rules and Concepts Used in the six Planning-Related Domains Based on

Literature Review and Expert Survey.

Psychological /sociological
theories

Actor-network theory (Latour 2005)

Collective action theory (Ostrom 1990; Olson 1965)

Culture as a behavioral concept (e.g., individualist and collectivist culture) (Hofstede 1980)

Growth machine theory (Molotch 1976)

Norm-activation theory (Schwartz 1977)*

Place attachment and the tripartite model (Scannell and Gifford 2010)

Protection motivation theory (R. W. Rogers 1975)*

Reasonable person model (Kaplan 2000)

Social capital theory (Putnam 1993)

Social ecological model (Bronfenbrenner 1979)*

Social identity theory (Tajfel and Turner 1979)*

Social learning theory (Bandura 1977)

Structuration theory (Giddens 1984)

Theory of cognitive dissonance (Festinger 1957)*

Theory of interpersonal behavior (Triandis 1977)*

Theory of modern urban experience (Benjamin 1999)

Theory of planned behavior (Ajzen 1985)*

Theory of reasoned action (Fishbein and Ajzen 1975)*

Value-belief-norm theory (Stern et al. 1999)*

Planning theories Communicative and collaborative planning theory (Healey 1997; 1993; Innes 1995)

Critical pragmatism (Forester 1993)

Incrementalism and “muddling through” related to the theory of bounded rationality (Lindblom 1959;

Forester 1984)

Transactive planning model (Friedmann 1973; 1987)

Geographical theories Central place theory (Christaller 1933)

Rules of cell behavior in cellular automata (CA) models such as SLEUTH (Clarke, Hoppen, and Gaydos

1997; Silva and Clarke 2002)

Tobler’s First Law of Geography and distance decay (Tobler 1970)

Diffusion theories Behavioral spillover theory (Dickinson and Oxoby 2011)*

Diffusion of innovation theory (E. Rogers 1962)

Theories of technological diffusion such as technological determinism, economic determinism, social

interactionism (Veblen 1921; Campbell 1996)

Migration theories Laws of migration in human geography and the gravity model (Ravenstein 1885)

Theory of intervening opportunities (Stouffer 1940)

Transportation theories Classical four-step travel model of urban transportation planning system (Florian, Gaudry, and Lardinois

1988; Manheim 1979)

Transit types of choice and captive riders (Polzin, Chu, and Rey 2000)

Urban design theories Five elements of a city (Lynch 1960)

Five measures of urban design (Ewing and Clemente 2013)

Theory of modern urban experience (Benjamin 1999)

Urban design theory and eyes on the street (Jacobs 1961)

Walkability index and walk score (Ewing and Cervero 2010)

Economic theories Theory of cost-benefit analysis (Drèze and Stern 1987)

Theory of economic development (Schumpeter 1911)

Transaction cost theory (Coase 1937)*

Behavioral economics / finance
theories

Nudge theory (Thaler and Sunstein 2008)*

Overconfidence effect (Odean 1998)

Planning fallacy and the principle of the malevolent hiding hand (Kahneman and Tversky 1977; Flyvbjerg

and Sunstein 2016)

Prospect theory (Kahneman and Tversky 1979)*

Regret theory (Bell 1982)*

Theory of bounded rationality (Simon 1955)*

Theory of hyperbolic discounting (Mazur 1987)*

Urban economics theories Burgess model or concentric zone model (Burgess 1925)

Urban economics theory (incl. bid rent theory) (Alonso 1964)*

Utility theories Expected utility theory (Bernoulli 1738)*

Random utility theory (Fechner 1859)*

User equilibrium theory (Wardrop 1952)*

Mathematical and modelling
theories

Bayesian theory (Bayes 1763)*

Complexity theory (incl. complex systems theory) (Pines 1985; Waldrop 1993)

Double/two-stage hurdle model (Cragg 1971)
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rationality” challenges. The theories that contain these concepts
include “expected utility theory,” “user equilibrium theory”
(which link with “game theory”), “random utility theory,” and
“urban economics theory.”

It is important to note that some theories are overarching the-
ories that encompass other theories. For example, “decision
theory,” which is closely related to the field of “game
theory,” encompasses other theories such as “expected utility
theory” and the “theory of delay (or hyperbolic) discounting.”
“Expected utility theory” is also considered a version of
another overarching field of “(rational) choice theory.”

Discussions
Different Focus of Types of Behavior and Theories in
Each Planning-Related Field
Pro-environmental and pro-health behaviors are commonly
looked at across disciplines, theories like the theory of
planned behavior are widely used across disciplines, and
many topics are interdisciplinary such as transportation geogra-
phy. Even so, the literature review and expert survey revealed
that different planning-related fields tend to be interested in

different types of behavior in detail which can be explained
by different theories. Also, while difficult to be classified as
“behavioral theories,” each planning-related field uses some
other theories and concepts relevant to behavior as presented
in Table 1 as identified from the expert survey. (Note: these
are examples rather than a comprehensive list.)

The planning and governance sector is interested in a wide
range of behavior such as travel, land-related (e.g., land
leasing), and location choice behavior of households and indus-
tries. Many experts pointed to the importance of examining the
behavior of planners, policymakers, and citizens (e.g., partici-
pation, compliance) as important actors/agents (e.g., Scholz
and Stiftel 2005; Campbell 2006; Crawford et al. 2008;
Podagrosi, Vojnovic and Pigozzi 2011; Cooper et al. 2014;
Cvetinovic, Nedovic-Budic and Bolay 2017; Salet 2018;
Qiao, Wong and Zheng 2019) and pointed to planning theories
such as “communicative/collaborative planning theory” and
“incrementalism” as well as economic and community develop-
ment theories. In geography and spatial analysis, experts mainly
look at spatial behavior, for example, the spillover of pro-
environmental behavior using “behavioral spillover theory”
and “social identity theory” as well as walking and crowd
movement using “social force model,” “graph theory,” and

Game theory (Flood 1952; Von Neumann and Morgenstern 1944)

Graph theory (Euler 1736)*

Rank size rule and Zipf’s law (Vilalta and Fondevila 2018; Gabaix 1999)

Social force model theory (Helbing and Molnár 1995)*

* Twenty-three theories that were used in more than one article in the literature review of this paper (see Appendix C, Table C for short definitions).

Note: Six planning-related domains are conceptualized as planning and governance; geography and spatial analysis; transportation; architecture and urban design;

economics real estate and housing; and environmental sciences. See Appendix B for the list of references.

Figure 2. Types of behavior frequently studied in planning-related fields by agent and activity.
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concepts like collective norm (e.g., Morgado and Costa 2011).
Other related theories, models, rules and concepts include rank
size rule, Zipf’s law, theories of diffusion and migration (e.g.,
Campbell 1996; Whitley et al. 2018), and rules for cell behavior
in modeling approaches like cellular automata (e.g., Kim and
Han 2015; Chaudhuri and Clarke 2019).

In transportation, the focus is on travel and mobility behavior
as well as consumer (e.g., vehicle purchase), pro-environmental
(e.g., mode choice, carpooling, and electric vehicle adoption),
and pro-health behavior (e.g., walking and cycling) (e.g., Lee
et al. 2016, 2017; Lee and Jung 2019). Widely used behavioral
theories include utility theories and “prospect theory,” and other
related theories were suggested including the “classical four-
step travel model of urban transportation planning system.”
Planning researchers in architecture and urban design are

interested in the relationship between people’s behavior (e.g.,
user, travel behavior) with the built environment, urban form,
and morphology (e.g., Partanen 2015; Cidre 2017; Sarkar,
Webster and Gallacher 2018; Park et al. 2019). The behavioral
theories or concepts widely used in this field include emotion,
especially satisfaction in terms of user experience and place
attachment (e.g., Lokocz, Ryan and Sadler 2011) and social
ecological model (e.g., Forsyth and Oakes 2015) and other the-
ories include design theories such as “Lynch’s five elements of
a city.”

Researchers in economics, real estate, and housing focus on
consumer, transaction, investment, housing choice, and loca-
tion choice behavior mainly using behavioral economics and
urban economics theories. Experts suggested other theories
such as “overconfidence theory,” the concept of individualist

Figure 3. Flow chart of behavioral theories and concepts used in planning-related fields. Note: This chart is a compilation of many theoretical

frameworks found in the literature review including Klöckner (2013), Bockarjova and Steg (2014), Zhao et al. (2018), Ji et al. (2018), Van Acker,

Witlox, and Van Wee (2007), Garcia-Sierra, Van Den Bergh and Miralles-Guasch (2015), Maness et al. (2015) and Pronello and Gaborieau

(2018) (See Appendix B for the list of references).
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and collective culture, and confirmatory bias. Planning
researchers in environmental sciences mainly look at (pro-)
environmental behavior such as energy conservation, climate
change mitigation, land stewardship and use of urban green
space, landscape care, and organic produce consumption
behavior (e.g., Andersson et al., 2014; Ryan, 2012) and sug-
gested other theories such as the “reasonable person model.”

Table 1 provides an overview of the theories related to
behavior frequently used in the six planning-related domains
based on this paper’s literature review and expert survey.
Appendix C, Table F provides recent publications, wherever
possible, as examples of how these theories are used in each
domain, to help planning researchers get exposed to the range
of behavioral theories used in other related disciplines,
instead of relying on the most common theories within their
typical frame of reference.

Definition and Inter-Disciplinary Nature of Behavioral
Theories
The literature review and expert survey of this paper suggested
that many researchers think of the cognitive aspect when think-
ing of behavioral theories. The definition in the sense of cogni-
tive psychology attempts to explain behavior based on mental
thought processes, in other words, what takes place in
people’s minds (Moore 1996). However, it is also important
to consider the approach in the sense of behaviorism, which
focuses on observing response based on external environmental
influences or stimulus (Moore 1996), as it can play a comple-
mentary role in examining behavior especially for behavior
modeling. The learning and conditioning theories of behavior-
ism such as “reinforcement learning theory” can be useful for
not only policy design but for building learning algorithms
for computer models to simulate behavior. The groups of theo-
ries that explain factors that affect people’s decision-making
process such as the “theory of planned behavior” can be used
to set variables for the model and their micro-nature focusing
on individual minds make them especially applicable for simu-
lating individual behavior. On top of these, theories about
change strategies such as “nudge theory” can be particularly
useful for designing policies for behavior intervention; and
modeling theories like “game theory “can be used as the theo-
retical base for the modeling approach itself (Silva et al. 2020).

The experts in this paper’s survey also highlighted the inter-
disciplinary nature of the behavioral discussion in planning-
related fields and the potential for planners to apply various
behavioral theories used in other disciplines, such as public
health, linguistics, and physics. For example, “health belief
model,” “transtheoretical model of behavior change”, and
“social ecological theory” commonly used in public health
are especially applicable for looking at pro-health behavior in
planning (e.g., Forsyth and Oakes 2015; Ligmann-Zielinska,
Grady and McWhorter 2016). Also, while originating from lin-
guistics, “Zipf’s law” can be used for studying the size of cities
(e.g., Vilalta and Fondevila 2018) and the concept of semantic

information is used to explain the complexity and cognition of
cities (e.g., Thagard 2016). Furthermore, “fuzzy theory” from
physics is being used in urban modeling to account for uncer-
tainties and complexities in the decision-making process (e.g.,
Al-Ahmadi 2018).

Further Classification of Types of Behavior, Cultural
Context, and Relevant Determinants
While this paper attempted a classification in Figure 2, behav-
iors are complex and multi-layered and further classification
can be beneficial. First, one can ask whether it is more “habitual
(or routine) behavior” or more “occasional (sometimes sponta-
neous) behavior” (e.g., Lavelle, Rau and Fahy 2015). These
characteristics are in a spectrum and are difficult to generalize,
and are closely linked because habit can also influence occa-
sional behaviors in the form of heuristics (Wohn et al. 2012).
However, this classification can be useful to determine the
amplitude of the impact of habit on specific types of behavior
in specific settings. Klöckner (2013, p. 1031) called it “the
degree of habitualization” and DEFRA (2008) detailed this
into “one-off, occasional, regular, and habitual” behavior
(DEFRA, 2008, p. 27). As Lavelle, Rau and Fahy (2015,
p. 368) suggest, some behavior can be more habitual, such as
“regularly buying organic food or habitually consuming
water” while other behavior can be more occasional, such as
“installing insulation and purchasing energy-efficient house-
hold appliances.” However, many behaviors can be both
depending on the stability of the context in terms of time and
place (Kardes, Cronley and Posavac 2005), for example,
mode choice and route choice behavior of a commuter could
be considered more habitual compared to a visitor making
these decisions in a new location.

It is important for researchers to clearly define the context
of behavior because determinants could have different levels
of applicability depending on how habitual the behavior is.
For example, Kardes, Cronley and Posavac (2005) and
Miller (2016, p. 401) suggest that “intentions” affect habitual
behaviors less because the processes that regulate habitual
behaviors are rather automatic with minimal attention. On
the contrary, “intentions” guide occasional behaviors in non-
stable contexts because the processes that regulate occasional
behaviors are more deliberate and involve time, effort, atten-
tion, and opportunity costs. In this sense, concepts such as life-
style, belief, and value may be more applicable to habitual
behaviors connected to theories like value-belief-norm
theory (Xu et al. 2017; Krueger, Vij and Rashidi 2018)
while for occasional behavior, determinants like emotion,
probability, heuristics, and risk can be more fitting linked
with theories like prospect theory (Ben-Elia and Shiftan
2010; Ramos, Daamen and Hoogendoorn 2014).

Second, another further classification is how personal or
social the behavior is. Referring to the typology of influences
suggested by Fuciu and Hortensia (2009) and Durand,
Limkriangkrai and Fung (2019), “personal behaviors” can be
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understood as behaviors that are mainly influenced by endoge-
nous variables such as internal goals, beliefs, personality, per-
sonal norms, and preferences, while “social behaviors” are
more influenced by exogenous variables such as culture,
social norm, and social class. This characteristic is in a spectrum
as well and the variables in both groups are closely linked espe-
cially so as exogenous variables can be argued to influence the
formation of endogenous variables (Polavieja 2015), and it is
difficult to think of planning-related behaviors that do not
involve any social influence. However, this classification can
be useful to determine the magnitude of the impact of exoge-
nous variables on specific types of behavior in specific settings
of cultural context. For example, when looking at the travel
mode choice behavior of individuals, a researcher can select
“social status” (linked with “social identity theory”) as a key
variable in some cities where social acceptance and image is
considered a barrier to using public transport (e.g., Van,
Choocharukul and Fujii 2014). Similarly, the determinant of
“social identity/role” can be more important for housing loca-
tion choice in some cities than others depending on the
culture of strong familial bonds or filial duty and especially
so for the elderly (e.g., Choi, Kwon and Kim 2018).

The portfolio and diagrams presented in this paper suggest a
systematic approach to behavior modeling in planning-related
disciplines, as illustrated in Figure 4. As the bi-directional
arrows in Figure 4 indicate, the elements of the research
design can be decided in any order as appropriate to each
study, and the following is suggested as one of the many

ways. First, a researcher or practitioner can define the type/s
of behavior of interest in terms of agent and activity and refer
to the portfolio of behavioral theories (Figure 1) and the list
of behavioral theories by different planning-related domains
(Table 1; Appendix C, Table F) to see what kinds of behavioral
theories, variables, rules, and research methods have been used
in the literature to study the selected type/s of behavior. Second,
the researcher can identify whether the behavior is habitual or
occasional as well as the cultural context of the case study
city/ies and use the flow chart of behavioral theories and con-
cepts (Figure 3) to select the applicable determinants of the
behavior and link them with relevant behavioral theories.
Third, the modeler can extract applicable behavioral variables,
gather relevant data, and choose research method/s depending
on the research question/s and the nature of the data. After
selecting the appropriate analytical method/s, the modeler can
decide whether to employ equations or language-based rules,
or both, with an option of including learning algorithms if
appropriate. Further research can demonstrate the application
of the tables and figures suggested in this paper for establishing
a research design for empirical modeling of particular type/s of
behavior in a specific context.

Linking Behavioral Theories with Behavioral Rules
Behavioral rules for modeling can be extracted in two ways:
using deduction from theories and using induction from data
analysis. First, as this paper’s portfolio (Figure 1) suggests,

Figure 4. Systematic approach to behavior modelling: linking types of behavior with determinants, theories, variables, and research methods.
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rules can be extracted from theories. For example, the theory of
planned behavior can be used to set an equation for behavioral
intention (BI): “BI=WAA+WSNSN+WPBCPBC” where W=
weight/coefficient, A= attitude, SN= social norm, and PBC=
perceived behavioral control where the three factors are propor-
tional to underlying beliefs. BI and PBC then can be used to
predict behavior (B) which can be expressed as: “B=WBIBI+
WPBCPBC” (Ajzen 1991; Silva and Wu, 2014). However,
such global equations may not be enough to generate language-
based rules. This links to the other method of generating rules
from data analysis, for example, identifying coefficients of var-
iables of elderly walking behavior through structural equation
modeling (Leung et al., 2018), clustering mode choice patterns
of commuters using Markov Chain Monte Carlo simulation
(Dawkins et al., 2018), and detecting significant changepoints
in travel patterns of individuals from smart card big data
using the Bayesian method (Zhao et al., 2018).

Using these two approaches in combination can be of great
benefit for time and space-sensitive dynamic simulation in
planning-related fields, which is an area of increasing impor-
tance in behavior modeling in the era of big data analytics.
One way to decide the extent of applying the deductive and
inductive approaches can be by identifying the position of the
type of behavior in question in the spectrum of general and
well-studied on one side and specific and less-explored on the
other side. For example, if the type of behavior in question is
relatively general with an existing body of empirical research
that supports some established behavioral theories, the
modeler could justify the assumptions and extract behavioral
rules based on such theories. On the other hand, if the behavior
concerns a specific group of population in a unique context, the
modeler may choose to establish behavioral rules based solely
on data to avoid potential biases resulting from constraints of
particular theories, even if this approach is much more time-
and resource-consuming. The studies positioned somewhere
in between can benefit from using both approaches in combina-
tion. For example, to build an agent-based model for waste
recycling, Scalco et al. (2017) used the theory of planned
behavior to set the mathematical expression, applying the coef-
ficients identified in an existing study using survey data from a
Taiwanese city (Chu and Chiu, 2003), and additionally used
data of the same city to initialize the parameters (such as the
number of households and trucks, and amount of waste produc-
tion) and set behavioral rules for agents.

Importance of Behavioral Theories and Mixed Methods
Approach in Urban Modeling
Many experts, especially modelers, emphasized that it can be
beneficial for researchers to build more rigorous theoretical
frameworks referring to theories rather than loosely using
some behavioral concepts. While linking the model to behavio-
ral theories is often not the main objective of many modelers,
applying behavioral theories using guidance like the portfolio
presented in this paper can enhance urban modeling, as

illustrated above along with Figure 4. First, theories can help
modelers justify their approach and refrain from the criticism
on the lack of theoretical foundations and black box approach,
especially for structuring behavioral rules. Second, behavioral
theories can help include more qualitative and psychological
realms using language-based coding like if then/else statements.
The traditional approach of expressing rules in equations based
on combining variables may not necessarily reflect how a
person makes a decision and other types of rules such as deci-
sion trees can be more applicable to behavioral modeling (An,
2012). Finally, theories can help make sense of big data and
suggest the psychological and sociological reasons behind
certain behavioral patterns.

Most behaviors related to planning, if not all, require both the
psychological/cognitive side and the rational/economic side of
the mind. While the ratio would differ for different types of
behavior, these two sides work together to minimize effort and
optimize performance in decision-making. However, there has
been too much emphasis on the quantitative approach in model-
ing. While it is partly possible to account for psychological
factors as “utility” for certain types of behavior closely associated
with monetary values such as housing purchases, there is much to
gain from using both qualitative and quantitative data and analy-
sis techniques in behavioral modeling, especially for constructing
behavioral rules.

Space and time-sensitive modeling approaches of dynamic
micro-simulation like agent-based modeling (ABM), cellular
automata (CA), and neural networks (NN) can be especially
useful tools for using a mixed research method for examining
behavior in planning. First, dynamic simulation allows both
induction and deduction in a new way. While starting with a
set of rules using a deductive approach, the model can then gen-
erate simulated data that requires analysis by induction, which
is called generative social science (Epstein, 1999). Second,
these approaches offer a platform that allows the use of both
quantitative and qualitative data and methods based on equa-
tions and language-based rules (Yang and Gilbert, 2008;
Millington and Wainwright, 2017; Bac-Bronowicz and
Grzempowski, 2018; D’Autilia and Hetman, 2018). While
computer codes allow a much more language-based approach,
a modeler still needs to set various values for parameters and
thresholds, etc. and this is where existing behavioral theories
or existing empirical findings can be of use (Badham et al.,
2018; Silva et al., 2020). Good examples of this include Batty
(2013)’s use of Coleman (1964)’s theory of collective action
to model the design of urban systems using Markov chains as
well as Ioannides (2013)’s illustration of how the modeling of
social interaction in cities can use social network theory,
urban economics, and spatial econometrics.

Third, dynamic simulation such as ABM, CA, and NN is a
particularly useful tool for spatial planners for its ability to link
with geographic information systems (GIS) and work with
spatial data (Brown et al., 2005; Lu et al., 2020; Xu et al.,
2020) as demonstrated in many existing models including
SLEUTH (Silva and Clarke, 2002), UrbanSim (Waddell, 2007)
and LEAM (Deal and Sun, 2006). Simulation of the interaction
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between a-spatial agents (e.g., residents, firms) and spatial agents
(e.g., land parcels) with a set of assumptions (Benenson and
Torrens, 2004) can not only deductively generate results that
can be statistically studied but also generate emergent patterns
that require inductive and ethnographic observations, which is
often called “abductive reasoning” (Sætra, 2017).

Importance of Understanding Different Scales of
Behavior and Theories
The behaviors that planning-related researchers and policy-
makers are interested in generally span from the micro-level
behavior of individuals to the macro-level behavior of
systems including the planning system, policies, and culture.
However, this paper’s literature review and expert survey sug-
gested that behavioral modeling in planning-related fields tends
to be focused on individual behavior and that more consider-
ation can be given to the aspect of institutions and governance.
As highlighted by Donaghy and Hopkins (2006, p. 177), effec-
tive planning can be supported by “good theories of both plan-
ning behavior … and the workings of interdependent systems
… within which planning activities are being considered.”
Different theories can be applicable to different scales of behav-
ior, for example, theories such as the rational actor model, orga-
nizational process model, and governmental politics model can
be useful for government behavior (Allison, 1971; van Riel
et al., 2016), and institutional theories such as collective
action theory for collective behavior (Olson, 1965; Scholz
and Stiftel, 2005; Zellner et al., 2009; Salet, 2018). Also, for
behavioral intervention, theories like nudge theory tend to
focus on targeting individual behavioral change while theories
like the theory of change can be applied at a larger level beyond
individuals.

Dynamic simulation platforms enable researchers and poli-
cymakers to deal with multiple scales of behavior that interact
with one another through both top-down, deductive approach

and bottom-up, inductive approach as illustrated in Figure 5,
which is specifically applicable for planning-related researchers
whose research concerns cities as complex systems (Silva et al.,
2021). First, larger-scale behavior such as government or policy
behavior can be included by setting them as super-agents or
fixed system parameters, often referred to as policy scenarios,
which systematically influence other individual agents (Chang
and Harrington, 2006). At the same time, larger-scale behavior
can be understood as the emergent and self-organizing property
of the system, resulting from the interactions among individual
agents (Chappin and Dijkema, 2008). This could be observed
by the modeler in the form of patterns such as the culture of
cooperative behavior of groups (Gautam et al., 2009) and the
spatial pattern of urban development (Yen et al., 2019). When
dealing with multiple scales of behavior, it can be helpful for
researchers to specifically confine the types of behavior that
the model concerns to prevent overcomplication (Lee, 1973).

Importance of Philosophical Discussions When Applying
the Results of Behavioral Models to Public Policy
In the era of increasingly available big data of individual behav-
ior, modeling approaches such as ABM are receiving growing
attention to simulate emergent behavior from the interaction
among individual agents. However, computer-based models
of behavior and the analysis of patterns within data remain a
technical activity until we take it to public policy and strategy
with value judgments. Even for policy objectives that seem to
carry universal values such as the promotion of pro-
environmental and pro-health behavior, the concept of behavio-
ral intervention inherently carries an ethical debate concerning
the aspect of individual freedom (Campbell, 2006), for
example, installing and monitoring CCTVs to deter certain
behaviors. The nature of such debate is even more complex,
often described as “wicked problems” (Zellner and Campbell,
2015), when concerning behaviors regarding social justice,

Figure 5. Dealing with multiple scales of behavior in space and time-sensitive dynamic simulation models using deductive and inductive

approaches linked with theories.
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for example, certain social mix policies and regulations that dis-
courage developers from supplying gated communities
(Webster et al., 2018). This makes it ever more important for
modelers to apply various theories to answer questions such
as why certain behavioral patterns are observed in the data
(explanations), why should certain measures be instituted (jus-
tifications), and what is the meaning and intent of certain behav-
ior of certain actors (interpretations) (Donaghy, 2021).

Furthermore, understanding and applying theories of behav-
ior from various disciplines such as psychology, sociology, and
political science in behavioral modeling can enable more
bottom-up behavioral interventions, which can complement
the top-down approach and encourage individuals to make pro-
active and lasting behavioral change. Promoting certain cultures
through sophisticated and trendy campaigns based on theories
such as social ecological model and behavioral priming
theory can be an effective strategy, which can affect social
norm, personal norm, hence intention and behavior as illus-
trated in Figure 3. For example, social media hashtags can be
used to promote the perception of healthy urban activities like
urban marathon as cool and fun (CIVITAS Initiative, 2015)
and urban branding techniques can be used to create a culture
that perceives pro-environmental choices like electric vehicle
adoption as sophisticated behavior (Rehan, 2014).

Conclusion
Based on the literature review of 318 planning-related articles
and the survey of twenty-two international experts, this paper
presented a portfolio of behavioral theories by types of behav-
ior, key variables, rules, and research methods. Along with this,
it provided a snapshot of the detailed types of behavior studied
in the planning-related fields by agent and activity. In terms of
scale, the articles reviewed dealt with individual behavior, and
most behaviors studied were either directly or indirectly linked
with pro-environmental or pro-health behavior which are two
areas of focus of behavioral intervention. In addition, the
paper illustrated the hierarchy of theories, family tree, and over-
lapping concepts through a flow chart, which linked various
behavioral determinants (e.g., belief, value, attitude, social
norm, heuristics, and risk) with theories such as the theory of
planned behavior and prospect theory, and illustrated how
other theories such as modeling theories, theories about
change strategies, and those in the objective and quantitative
realm come into the picture.

This paper extracted seven points of discussion from the lit-
erature review and expert survey. First, it provided an overview
of the theories related to behavior frequently used in six
planning-related domains and highlighted how some theories
can be especially useful in certain domains. Second, it sug-
gested that two approaches to examining behavior, one in the
sense of behaviorism and the other in the sense of cognitive
psychology, can play complementary roles, especially for
behavior modeling in planning-related fields. Third, a system-
atic approach to behavior modeling was proposed to identify
the type/s of behavior in detail by agent, activity, habitual or

occasional, and personal or social, and link them with applica-
ble behavioral determinants, theories, variables, and research
methods. Fourth, this paper highlighted the benefits of using
both deduction from theories and induction from data analysis
when establishing behavioral rules for modeling. Fifth, it advo-
cated for a more robust inclusion of qualitative data and
methods in space- and time-sensitive dynamic models based
on both equations and language-based rules. Sixth, it illustrated
how dynamic simulation platforms enable the modeling of mul-
tiple scales of behavior by linking with complex systems theory
in planning-related fields. Finally, it highlighted the importance
of philosophical discussions when applying the results of
behavioral models to public policy and suggested the use of
behavior modeling to enable more bottom-up behavioral inter-
ventions to complement the top-down approach.
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K. Park, Prof J. Partanen, Prof R. Ryan, Prof W. Salet, Dr P.M.
Sousa, Prof B. Stiftel, Prof C. Webster, Prof I. Vojnovic, Prof
C. Wong, as well as to the anonymous reviewers for their valuable
comments.

Author Note

Heeseo Rain Kwon, Bartlett School of Planning, University College
London (UCL), London, UK.

Declaration of Conflicting Interests

The author(s) declared no potential conflicts of interest with respect to
the research, authorship, and/or publication of this article.

Funding

The author(s) disclosed receipt of the following financial support for the
research, authorship, and/or publication of this article: Economic and
Social Research Council (Grant No. RG76702/JPAG254) and the
Cambridge Humanities Research Grant (Grant No. GASR009831/
JPES.AHAS).

ORCID iD

Heeseo Rain Kwon https://orcid.org/0000-0003-1780-2328

Supplemental Material

Supplemental material for this article is available online.

Notes

1. 0+ for 2018, 4+ for 2017, 8+ for 2016, 12+ for 2015, 16+ for
2014, 20+ for 2013, 24+ for 2012, 28+ for 2011 and 32+ for
2010 as of March 25, 2019.

2. Based on the year of first publication or the year of obtaining PhD
degree, whichever is earlier.

256 Journal of Planning Literature 38(2)

https://orcid.org/0000-0003-1780-2328
https://orcid.org/0000-0003-1780-2328


References

Adnan, Nadia, Shahrina Md Nordin, M. Hadi Amini, and
Naseebullah Langove. 2018. “What Make Consumer Sign up to
PHEVs? Predicting Malaysian Consumer Behavior in Adoption
of PHEVs.” Transportation Research Part A: Policy and
Practice 113 (April): 259–78. https://doi.org/10.1016/j.tra.2018.
04.007.

Ajzen, Icek. 1991. “The Theory of Planned Behavior.” Organizational
Behavior and Human Decision Processes 50 (2): 179–211. https://
doi.org/10.1016/0749-5978(91)90020-T.

Al-Ahmadi, Khalid. 2018. “Modelling Driving Forces of Urban
Growth with Fuzzy Sets and GIS.” In Spatial Analaysis,
Modelling and Planning, edited by Jorge Rocha and José
António Tenedório, 115–49. London: IntechOpen. https://doi.org/
http://dx.doi.org/10.5772/57353.

Allison, Graham, T. 1971. Essence of Decision: Explaining the Cuban
Missile Crisis. New York, NY: HarperCollins Publishers.

Allmendinger, Phil, and GrahamHaughton. 2009. “Critical Reflections
on Spatial Planning.” Environment and Planning A 41 (11): 2544–
49. https://doi.org/10.1068/a42227.

An, Li. 2012. “Modeling Human Decisions in Coupled Human and
Natural Systems: Review of Agent-Based Models.” Ecological
Modelling 229: 25–36. https://doi.org/10.1016/j.ecolmodel.2011.
07.010.

Andersson, Erik, Stephan Barthel, Sara Borgstro, Johan Colding,
Thomas Elmqvist, Carl Folke, and Asa Gren. 2014.
“Reconnecting Cities to the Biosphere : Stewardship of Green
Infrastructure and Urban Ecosystem Services.” AMBIO 43: 445–
53. https://doi.org/10.1007/s13280-014-0506-y.

Asgari, Hamidreza, and Xia Jin. 2020. “Incorporating Habitual
Behavior into Mode Choice Modeling in Light of Emerging
Mobility Services.” Sustainable Cities and Society 52 (August
2019): 101735. https://doi.org/10.1016/j.scs.2019.101735.

Bac-Bronowicz, Joanna, and Piotr Grzempowski. 2018.
“Regionalization of Geographical Space According to Selected
Topographic Factors in Reference to Spatial Distribution of
Precipitation: Application of Artificial Neural Networks in GIS.”
Environmental Earth Sciences 77 (18): 1–17. https://doi.org/10.
1007/s12665-018-7811-x.

Badham, Jennifer, Edmund Chattoe-Brown, Nigel Gilbert,
Zaid Chalabi, Frank Kee, and Ruth F. Hunter. 2018. “Developing
Agent-Based Models of Complex Health Behaviour.” Health and
Place 54 (January): 170–77. https://doi.org/10.1016/j.healthplace.
2018.08.022.

Bandsma, Koen, Ward Rauws, and Gert de Roo. 2021. “Optimising
Nudges in Public Space: Identifying and Tackling Barriers to
Design and Implementation.” Planning Theory and Practice 22
(4): 556–71. https://doi.org/10.1080/14649357.2021.1962957.

Bao, Helen X.H., Charlotte Chunming Meng, and Jing Wu. 2021.
“Reference Dependence, Loss Aversion and Residential Property
Development Decisions.” Journal of Housing and the Built
Environment 36 (4): 1535–62. https://doi.org/10.1007/s10901-
020-09803-y.

Batty, Michael. 2005. Cities and Complexity: Understanding Cities
with Cellular Automata, Agent-Based Models, and Fractals.
Cambridge, MA: MIT Press.

Batty, Michael. 2013. The New Science of Cities. Cambridge, MA: The
MIT Press.

Ben-Elia, Eran, and Yoram Shiftan. 2010. “Which Road Do I Take? A
Learning-Based Model of Route-Choice Behavior with Real-Time
Information.” Transportation Research Part A: Policy and Practice
44 (4): 249–64. https://doi.org/10.1016/j.tra.2010.01.007.

Benenson, I., and P. Torrens. 2004. Geosimulation: Automata-Based
Modeling of Urban Phenomena. Chichester: Wiley.

Bockarjova, M., and L. Steg. 2014. “Can Protection Motivation
Theory Predict Pro-Environmental Behavior? Explaining the
Adoption of Electric Vehicles in the Netherlands.” Global
Environmental Change 28 (1): 276–88. https://doi.org/10.1016/j.
gloenvcha.2014.06.010

Brown, Daniel G., Rick Riolo, Derek T. Robinson, Michael North, and
William Rand. 2005. “Spatial Process and Data Models: Toward
Integration of Agent-Based Models and GIS.” Journal of
Geographical Systems 7 (1): 25–47. https://doi.org/10.1007/
s10109-005-0148-5.

Campbell, Heather. 1996. “Theoretical Perspectives on the Diffusion
of GIS Technologies.” In GIS Diffusion: The Adoption And Use
Of Geographical Information Systems In Local Government in
Europe, edited by Ian Masser, Heather Campbell, and
Massimo Craglia, 23–46. London: CRC Press.

Campbell, Heather. 2006. “Just Planning: The Art of Situated Ethical
Judgment.” Journal of Planning Education and Research 26 (1):
92–106. https://doi.org/10.1177/0739456X06288090.

Cane, James, Denise O Connor, and Susan Michie. 2012.
“Cane_2012_validation of the Theoretical Framework,” 1–17.

Carlson, Elizabeth. 2020. “Field Experiments and Behavioral
Theories: Science and Ethics.” PS - Political Science and Politics
53 (1): 89–93. https://doi.org/10.1017/S1049096519001112.

Chang, Myong Hun, and Joseph E. Harrington. 2006. “Chapter 26
Agent-Based Models of Organizations.” In Handbook of
Computational Economics, Volume 2, edited by Leigh Tesfatsion,
and Kenneth L. Judd, 1273–1337. Amsterdam: Elsevier. https://
doi.org/10.1016/S1574-0021(05)02026-5.

Chappin, Emile J.L., and G. P.J. Dijkema. 2008. “Agent-Based
Modeling of Energy Infrastructure Transitions.” 2008 1st
International Conference on Infrastructure Systems and Services:
Building Networks for a Brighter Future, INFRA 2008 31 (0).
https://doi.org/10.1109/INFRA.2008.5439580.

Chaudhuri, G., and Keith C. Clarke. 2019. “Modeling an Indian
Megalopolis– A Case Study on Adapting SLEUTH Urban
Growth Model.” Computers, Environment and Urban Systems
77: 1–15. https://doi.org/10.1016/j.compenvurbsys.2019.101358.

Choi, Yeol, Yeon Hwa Kwon, and Jeongseob Kim. 2018. “The Effect
of the Social Networks of the Elderly on Housing Choice in Korea.”
Habitat International 74 (February): 1–8. https://doi.org/10.1016/j.
habitatint.2018.02.003.

Chu, Pin Yu, and Ja Fun Chiu. 2003. “Factors Influencing Household
Waste Recycling Behavior: Test of an Integrated Model.” Journal
of Applied Social Psychology 33 (3): 604–26. https://doi.org/10.
1111/j.1559-1816.2003.tb01915.x.

Cidre, Elisabete M. P. 2017. “Urban Design as a Tool in Urban
Conservation, and Urban Conservation as a Tool in Urban
Design Research.” In Explorations in Urban Design: An Urban

Kwon and Silva 257

https://doi.org/https://doi.org/10.1016/j.tra.2018.04.007
https://doi.org/https://doi.org/10.1016/j.tra.2018.04.007
https://doi.org/https://doi.org/10.1016/0749-5978(91)90020-T
https://doi.org/https://doi.org/10.1016/0749-5978(91)90020-T
https://doi.org/https://doi.org/http://dx.doi.org/10.5772/57353
https://doi.org/https://doi.org/http://dx.doi.org/10.5772/57353
https://doi.org/https://doi.org/10.1068/a42227
https://doi.org/https://doi.org/10.1016/j.ecolmodel.2011.07.010
https://doi.org/https://doi.org/10.1016/j.ecolmodel.2011.07.010
https://doi.org/https://doi.org/10.1007/s13280-014-0506-y
https://doi.org/https://doi.org/10.1016/j.scs.2019.101735
https://doi.org/https://doi.org/10.1007/s12665-018-7811-x
https://doi.org/https://doi.org/10.1007/s12665-018-7811-x
https://doi.org/https://doi.org/10.1016/j.healthplace.2018.08.022
https://doi.org/https://doi.org/10.1016/j.healthplace.2018.08.022
https://doi.org/https://doi.org/10.1080/14649357.2021.1962957
https://doi.org/https://doi.org/10.1007/s10901-020-09803-y
https://doi.org/https://doi.org/10.1007/s10901-020-09803-y
https://doi.org/https://doi.org/10.1016/j.tra.2010.01.007
https://doi.org/https://doi.org/10.1016/j.gloenvcha.2014.06.010
https://doi.org/https://doi.org/10.1016/j.gloenvcha.2014.06.010
https://doi.org/https://doi.org/10.1007/s10109-005-0148-5
https://doi.org/https://doi.org/10.1007/s10109-005-0148-5
https://doi.org/https://doi.org/10.1177/0739456X06288090
https://doi.org/https://doi.org/10.1017/S1049096519001112
https://doi.org/https://doi.org/10.1016/S1574-0021(05)02026-5
https://doi.org/https://doi.org/10.1016/S1574-0021(05)02026-5
https://doi.org/https://doi.org/10.1109/INFRA.2008.5439580
https://doi.org/https://doi.org/10.1016/j.compenvurbsys.2019.101358
https://doi.org/https://doi.org/10.1016/j.habitatint.2018.02.003
https://doi.org/https://doi.org/10.1016/j.habitatint.2018.02.003
https://doi.org/https://doi.org/10.1111/j.1559-1816.2003.tb01915.x
https://doi.org/https://doi.org/10.1111/j.1559-1816.2003.tb01915.x


Design Research Primer, edited by Matthew Carmona, 311–18.
London: Taylor & Francis.

CIVITAS Initiative. 2015. “The Use of Social Media to Involve
Citizens in Urban Mobility Projects and City Planning.”

Clarivate Analytics. 2018. “2017 Journal Citation Report.” 2018.
http://jcr.incites.thomsonreuters.com/JCRJournalHomeAction.action?

Clarivate Analytics. 2020. “Journals in Behavioral Sciences.” 2020.
https://jcr.clarivate.com/JCRJournalHomeAction.action?#.

Coleman, J.S. 1964. Introduction to Mathematical Sociology. New
York: The Free Press.

Collins English Dictionary. 2018. “Behavioral Science Definition and
Meaning | Collins English Dictionary.” 2018. https://www.
collinsdictionary.com/dictionary/english/behavioral-science.

Cooper, Jonathan, Zeenat Kotval-K, Zenia Kotval, and John Mullin.
2014. “University Community Partnerships.” Humanities 3 (1):
88–101. https://doi.org/10.3390/h3010088.

Council of Europe. 1984. “Recommendation No. R (84) 2.” Council of
Europe Committee of Ministers.

Crawford, Pat, Zeenat Zenia Kotval, Warren Rauhe, Kotval Z, and
Zeenat Zenia Kotval. 2008. “Social Capital Development in
Participatory Community Planning and Design Linked
References Are Available on JSTOR for This Article : Social
Capital Development in Participatory Community Planning and
Design.” Town Planning Review 79 (5): 533–53. http://www.
jstor.org/stable/40112781

Cvetinovic, Marija, Zorica Nedovic-Budic, and Jean Claude Bolay.
2017. “Decoding Urban Development Dynamics through Actor-
Network Methodological Approach.” Geoforum 82 (June 2016):
141–57. https://doi.org/10.1016/j.geoforum.2017.03.010.

D’Autilia, Roberto, and Janet Hetman. 2018. “Complex Buildings and
Cellular Automata—A Cellular Automaton Model for the
Centquatre-Paris.” Urban Science 2 (2): 50. https://doi.org/10.
3390/urbansci2020050.

Damant-Sirois, Gabriel, and Ahmed M. El-Geneidy. 2015. “Who
Cycles More? Determining Cycling Frequency through a
Segmentation Approach in Montreal, Canada.” Transportation
Research Part A: Policy and Practice 77: 113–25. https://doi.org/
10.1016/j.tra.2015.03.028.

Davis, Rachel, Rona Campbell, Zoe Hildon, Lorna Hobbs, and
Susan Michie. 2015. “Theories of Behaviour and Behaviour
Change across the Social and Behavioural Sciences: A Scoping
Review.” Health Psychology Review 9 (3): 323–44. https://doi.
org/10.1080/17437199.2014.941722.

Dawkins, L. C., D. B. Williamson, S. W. Barr, and S. R. Lampkin.
2018. “Influencing Transport Behaviour: A Bayesian Modelling
Approach for Segmentation of Social Surveys.” Journal of
Transport Geography 70 (June): 91–103. https://doi.org/10.1016/
j.jtrangeo.2018.05.005.

Deal, Brian, and Z Sun. 2006. “A Spatially Explicit Urban Simulation
Model: Landuse Evolution and Impact Assessment Model
(LEAM).” In Smart Growth and Climate Change: Regional
Development, Infrastructure and Adaptation, edited by M. Ruth,
ed., 181–203. Northampton, MA: Edward Elgar.

DEFRA. 2008. “A Framework for Pro-Environmental Behaviours.”
London: Department for Environment, Food and Rural Affairs.

Donaghy, K.P. 2021. “Worlds Lost and Found: Regional Science
Contributions in Support of Collective Decision-Making for
Collective Action.” In Handbook of Regional Science, edited by
M.M. Fisher and Peter Nijkamp, (eds.), 141–63. Berlin: ©
Springer-Verlag GmbH Germany.

Donaghy, Kieran P., and Lewis D. Hopkins. 2006. “Coherentist
Theories of Planning Are Possible and Useful.” Planning Theory
5 (2): 173–202. https://doi.org/10.1177/1473095206064974.

Durand, Robert B., Manapon Limkriangkrai, and Lucia Fung. 2019.
“Exogenous and Endogenous Attention and the Convergence of
Analysts’ Forecasts.” Journal of Behavioral Finance 20 (2): 154–
72. https://doi.org/10.1080/15427560.2018.1504783.

Elragal, Ahmed, and Ralf Klischewski. 2017. “Theory-Driven or
Process-Driven Prediction? Epistemological Challenges of Big
Data Analytics.” Journal of Big Data 4 (19): 1–20. https://doi.
org/10.1186/s40537-017-0079-2.

Engl, Elisabeth, and Sema K. Sgaier. 2020. “Cubes: A Practical
Toolkit to Measure Enablers and Barriers to Behavior for
Effective Intervention Design.” Gates Open Research 3 (886): 1–
36. https://doi.org/10.12688/gatesopenres.12923.1.

Epstein, Joshua M. 1999. “Agent-Based Computational Models and
Generative Social Science.” Complexity 4 (5): 41–60. https://doi.
org/10.1002/(SICI)1099-0526(199905/06)4:5<41::AID-CPLX9>
3.0.CO;2-F.

Fernandez, Maria E., Robert A.C. Ruiter, Christine M. Markham, and
Gerjo Kok. 2019. “Intervention Mapping: Theory-and Evidence-
Based Health Promotion Program Planning: Perspective and
Examples.” Frontiers in Public Health 7 (AUG): 1–8. https://doi.
org/10.3389/fpubh.2019.00209.

Forsyth, Ann, and J. Michael Oakes. 2015. “Cycling, the Built
Environment, and Health: Results of a Midwestern Study.”
International Journal of Sustainable Transportation 9 (1): 49–58.
https://doi.org/10.1080/15568318.2012.725801.

Fried, Eiko I. 2020. “Theories and Models: What They Are, What
They Are for, and What They Are About.” Psychological Inquiry
31 (4): 336–44. https://doi.org/10.1080/1047840X.2020.1854011.

Friedmann, J. 1988. Planning in the Public Domain: From Knowledge
to Action. Princeton, NJ: Princeton University Press.

Fuciu, Mircea, and Gorski Hortensia. 2009. “Endogenous and
Exogenous Influences on Consumer Behavior.” In Volume:
Proceedings of the International Economic Conference (IECS
2009). At Sibiu, 7-8 May 2009: Conference: 17th International
Economic Conference (IECS 2009). https://www.researchgate.net/
publication/303702647_Endogenous_and_exogenous_influences_
on_consumer_behavior.

Garcia-Sierra, Marta, Jeroen C.J.M. van den Bergh, and Carme
Miralles-Guasch. 2015. “Behavioural Economics, Travel
Behaviour and Environmental-Transport Policy.” Transportation
Research Part D: Transport and Environment 41: 288–305.
https://doi.org/10.1016/j.trd.2015.09.023.

Gautam, Divya, Rishi Raj Singh, and Vivek Kumar Singh. 2009.
“Multi-Agent Based Models of Social Contagion and Emergent
Collective Behavior.” 2009 International Conference on
Intelligent Agent and Multi-Agent Systems, IAMA 2009, 1–5.
https://doi.org/10.1109/IAMA.2009.5228082.

258 Journal of Planning Literature 38(2)

http://jcr.incites.thomsonreuters.com/JCRJournalHomeAction.action
https://jcr.clarivate.com/JCRJournalHomeAction.action?#
https://www.collinsdictionary.com/dictionary/english/behavioral-science
https://www.collinsdictionary.com/dictionary/english/behavioral-science
https://doi.org/https://doi.org/10.3390/h3010088
http://www.jstor.org/stable/40112781
http://www.jstor.org/stable/40112781
https://doi.org/https://doi.org/10.1016/j.geoforum.2017.03.010
https://doi.org/https://doi.org/10.3390/urbansci2020050
https://doi.org/https://doi.org/10.3390/urbansci2020050
https://doi.org/https://doi.org/10.1016/j.tra.2015.03.028
https://doi.org/https://doi.org/10.1016/j.tra.2015.03.028
https://doi.org/https://doi.org/10.1080/17437199.2014.941722
https://doi.org/https://doi.org/10.1080/17437199.2014.941722
https://doi.org/https://doi.org/10.1016/j.jtrangeo.2018.05.005
https://doi.org/https://doi.org/10.1016/j.jtrangeo.2018.05.005
https://doi.org/https://doi.org/10.1177/1473095206064974
https://doi.org/https://doi.org/10.1080/15427560.2018.1504783
https://doi.org/https://doi.org/10.1186/s40537-017-0079-2
https://doi.org/https://doi.org/10.1186/s40537-017-0079-2
https://doi.org/https://doi.org/10.12688/gatesopenres.12923.1
https://doi.org/https://doi.org/10.1002/(SICI)1099-0526(199905/06)4:5%3C41::AID-CPLX9%3E3.0.CO;2-F
https://doi.org/https://doi.org/10.1002/(SICI)1099-0526(199905/06)4:5%3C41::AID-CPLX9%3E3.0.CO;2-F
https://doi.org/https://doi.org/10.1002/(SICI)1099-0526(199905/06)4:5%3C41::AID-CPLX9%3E3.0.CO;2-F
https://doi.org/https://doi.org/10.3389/fpubh.2019.00209
https://doi.org/https://doi.org/10.3389/fpubh.2019.00209
https://doi.org/https://doi.org/10.1080/15568318.2012.725801
https://doi.org/https://doi.org/10.1080/1047840X.2020.1854011
https://www.researchgate.net/publication/303702647_Endogenous_and_exogenous_influences_on_consumer_behavior
https://www.researchgate.net/publication/303702647_Endogenous_and_exogenous_influences_on_consumer_behavior
https://www.researchgate.net/publication/303702647_Endogenous_and_exogenous_influences_on_consumer_behavior
https://doi.org/https://doi.org/10.1016/j.trd.2015.09.023
https://doi.org/https://doi.org/10.1109/IAMA.2009.5228082


Götschi, Thomas, Audrey de Nazelle, Christian Brand, and
Regine Gerike. 2017. “Towards a Comprehensive Conceptual
Framework of Active Travel Behavior: A Review and Synthesis of
Published Frameworks.” Current Environmental Health Reports 4
(3): 286–95. https://doi.org/10.1007/s40572-017-0149-9.

Hagger, Martin S., and Mike Weed. 2019. “DEBATE: Do
Interventions Based on Behavioral Theory Work in the Real
World?” International Journal of Behavioral Nutrition and
Physical Activity 16 (1): 1–10. https://doi.org/10.1186/s12966-
019-0795-4.

Hayes, Steven C. 1996. “Developing a Theory of Derived Stimulus
Relations.” Journal of the Experimental Analysis of Behavior 65
(1): 309–11. https://doi.org/10.1901/jeab.1996.65-309.

Hensher, David A, John M Rose, Waiyan Leong, Alejandro Tirachini,
and Zheng Li. 2013. “Choosing Public Transport—Incorporating
Richer Behavioural Elements in Modal Choice Models.”
Transport Reviews 33 (1): 92–106. https://doi.org/10.1080/
01441647.2012.760671.

Ioannides, Y.M. 2013. From Neighborhoods to Nations: The
Economics of Social Interactions. Princeton: Princeton University
Press.

Jamal, Esraa, David Scott, Ahmed Idris, and Gordon Lovegrove. 2019.
“Investigating Factors Affecting the Mode Choices of Commuters
in Kuwait City & Surrounding Urban Areas: Strategies for a
Higher Quality and More Sustainable Public Transport System.”
Urban Development Issues 63 (1): 65–76. https://doi.org/10.
2478/udi-2019-0017.

Ji, Yanjie, Liangpeng Gao, Dandan Chen, Xinwei Ma, and
Ruochen Zhang. 2018. “How Does a Static Measure Influence
Passengers’ Boarding Behaviors and Bus Dwell Time? Simulated
Evidence from Nanjing Bus Stations.” Transportation Research
Part A: Policy and Practice 110 (February): 13–25. https://doi.
org/10.1016/j.tra.2018.02.003

Kardes, Frank R., Maria L. Cronley, and Steven S. Posavac. 2005.
“Using Implementation Intentions to Increase New Product
Consumption: A Field Experiment.” In APPLYING SOCIAL
COGNITION TO CONSUMER-FOCUSED STRATEGY, edited
by Frank R. Kardes, Paul M. Herr, and Jacques Nantel, 219–33.
Mahwah, NJ: Lawrence Erlbaum Associates, Inc.

Kim, Donghan, and Haejin Han. 2015. “Simulating the Impact of
Compact City Policy on Two Korean Cities: Daejeon and
Hwaseong.” ersa15p1586. ERSA Conference Papers.

Klöckner, Christian A. 2013. “A Comprehensive Model of the
Psychology of Environmental Behaviour-A Meta-Analysis.”
Global Environmental Change 23 (5): 1028–38. https://doi.org/
10.1016/j.gloenvcha.2013.05.014.

Kok, Gerjo. 2014. “A Practical Guide to Effective Behavior Change:
How to Apply Theory- and Evidence-Based Behavior Change
Methods in an Intervention.” The European Health Psychologist
16 (5): 156–70. https://doi.org/10.31234/osf.io/r78wh.

Krueger, Rico, Akshay Vij, and Taha H Rashidi. 2018. “Normative
Beliefs and Modality Styles : A Latent Class and Latent Variable
Model of Travel Behaviour.” Transportation 45 (3): 789–825.
https://doi.org/10.1007/s11116-016-9751-1.

Kwon, Heeseo Rain, and Elisabete A. Silva. 2020. “Mapping the
Landscape of Behavioral Theories: Systematic Literature

Review.” Journal of Planning Literature 35 (2): 161–79. https://
doi.org/10.1177/0885412219881135.

Lavelle, Mary Jo, Henrike Rau, and Frances Fahy. 2015. “Different
Shades of Green? Unpacking Habitual and Occasional pro-
Environmental Behavior.” Global Environmental Change 35:
368–78. https://doi.org/10.1016/j.gloenvcha.2015.09.021.

Lee, Douglass B. 1973. “Requiem for Large-Scale Models.” Journal of
the American Planning Association 39 (3): 163–78. https://doi.org/
10.1080/01944367308977851.

Lee, Sang Keon, Heeseo Rain Kwon, HeeAh Cho, Jongbok Kim, and
Donju Lee. 2016. “International Case Studies of Smart Cities:
Anyang, Republic of Korea.” IDB-DP-458. International Case
Studies of Smart Cities. Washington D.C. https://publications.
iadb.org/handle/11319/7727?locale-attribute=pt.

Lee, Seungjae, Benjamin G. Heydecker, Jooyoung Kim, and
Sangung Park. 2017. “Stability Analysis on a Dynamical Model
of Route Choice in a Connected Vehicle Environment.”
Transportation Research Procedia 23 (2016): 720–37. https://doi.
org/10.1016/j.trpro.2017.05.040.

Lee, Shinhae, and Sangmi Jung. 2019. “Effects of ‘Walking City,
Seoul’ Policy and Directions for Future Researches.” Seoul.
http://www.dbpia.co.kr/Journal/articleDetail?nodeId=
NODE09302200#none.

Leung, Ka Man, Pak Kwong Chung, Donggen Wang, and Jing
Dong Liu. 2018. “Impact of Physical and Social Environments
on the Walking Behaviour of Hong Kong’s Older Adults.”
Journal of Transport and Health 9 (April): 299–308. https://doi.
org/10.1016/j.jth.2018.03.002.

Ligmann-Zielinska, Arika, Sue C. Grady, and Jemery McWhorter.
2016. “The Impact of Urban Form on Weight Loss: Combining a
Spatial Agent-Based Model with a Transtheretical Model of
Health Behavior Change.” In Handbook of APplied System
Science, edited by Zachary P. Neal, 49–67. New York: Routledge.

Lokocz, Elizabeth, Robert L. Ryan, and Anna Jarita Sadler. 2011.
“Motivations for Land Protection and Stewardship: Exploring
Place Attachment and Rural Landscape Character in
Massachusetts.” Landscape and Urban Planning 99 (2): 65–76.
https://doi.org/10.1016/j.landurbplan.2010.08.015.

Lu, Yi, Shawn Laffan, Chris Pettit, and Min Cao. 2020. “Land Use
Change Simulation and Analysis Using a Vector Cellular
Automata (CA) Model: A Case Study of Ipswich City,
Queensland, Australia.” Environment and Planning B: Urban
Analytics and City Science 47 (9): 1605–21 https://doi.org/10.
1177/2399808319830971.

Maness, Michael, Cinzia Cirillo, and Elenna R. Dugundji. 2015.
“Generalized Behavioral Framework for Choice Models of Social
Influence: Behavioral and Data Concerns in Travel Behavior.”
Journal of Transport Geography 46: 137–50. https://doi.org/10.
1016/j.jtrangeo.2015.06.005

Miller Jr., Harold L. 2016. The SAGE Encyclopedia of Theory in
Psychology. Edited by Jr. Harold L. Miller, 1–8. Thousand Oaks,
CA: SAGE Publications, Inc.

Millington, James D.A., and John Wainwright. 2017. “Mixed
Qualitative-Simulation Methods: Understanding Geography
through Thick and Thin.” Progress in Human Geography 41 (1):
68–88. https://doi.org/10.1177/0309132515627021.

Kwon and Silva 259

https://doi.org/https://doi.org/10.1007/s40572-017-0149-9
https://doi.org/https://doi.org/10.1186/s12966-019-0795-4
https://doi.org/https://doi.org/10.1186/s12966-019-0795-4
https://doi.org/https://doi.org/10.1901/jeab.1996.65-309
https://doi.org/https://doi.org/10.1080/01441647.2012.760671
https://doi.org/https://doi.org/10.1080/01441647.2012.760671
https://doi.org/https://doi.org/10.2478/udi-2019-0017
https://doi.org/https://doi.org/10.2478/udi-2019-0017
https://doi.org/https://doi.org/10.1016/j.tra.2018.02.003
https://doi.org/https://doi.org/10.1016/j.tra.2018.02.003
https://doi.org/https://doi.org/10.1016/j.gloenvcha.2013.05.014
https://doi.org/https://doi.org/10.1016/j.gloenvcha.2013.05.014
https://doi.org/https://doi.org/10.31234/osf.io/r78wh
https://doi.org/https://doi.org/10.1007/s11116-016-9751-1
https://doi.org/https://doi.org/10.1177/0885412219881135
https://doi.org/https://doi.org/10.1177/0885412219881135
https://doi.org/https://doi.org/10.1016/j.gloenvcha.2015.09.021
https://doi.org/https://doi.org/10.1080/01944367308977851
https://doi.org/https://doi.org/10.1080/01944367308977851
https://publications.iadb.org/handle/11319/7727?locale-attribute=pt
https://publications.iadb.org/handle/11319/7727?locale-attribute=pt
https://doi.org/https://doi.org/10.1016/j.trpro.2017.05.040
https://doi.org/https://doi.org/10.1016/j.trpro.2017.05.040
http://www.dbpia.co.kr/Journal/articleDetail?nodeId=NODE09302200#none
http://www.dbpia.co.kr/Journal/articleDetail?nodeId=NODE09302200#none
https://doi.org/https://doi.org/10.1016/j.jth.2018.03.002
https://doi.org/https://doi.org/10.1016/j.jth.2018.03.002
https://doi.org/https://doi.org/10.1016/j.landurbplan.2010.08.015
https://doi.org/https://doi.org/10.1177/2399808319830971
https://doi.org/https://doi.org/10.1177/2399808319830971
https://doi.org/https://doi.org/10.1016/j.jtrangeo.2015.06.005
https://doi.org/https://doi.org/10.1016/j.jtrangeo.2015.06.005
https://doi.org/https://doi.org/10.1177/0309132515627021


Moore, Jay. 1996. “On the Relation Between Behaviorism and
Cognitive Psychology.” The Journal of Mind and Behavior 17
(4): 345–67. https://www.jstor.org/stable/43853710.

Morgado, P, and N Costa. 2011. “Graph-Based Model To Transport
Networks Analysis Through Gis.” Proceedings of European
Colloquium on Quantitative and Theoretical Geography, 2–5.
http://www.mopt.org.pt/uploads/1/8/5/5/1855409/pm_nc_graph-
based_model.pdf.

Morris, Jake, M Marzana, N Dandy, and L O’Brien. 2012. “Theories
and Models of Behaviour and Behaviour Change.” https://www.
forestry.gov.uk/pdf/behaviour_review_theory.pdf/$file/behaviour_
review_theory.pdf.

Mullainathan, S., and R.H. Thaler. 2001. “International Encyclopedia
of the Social & Behavioral Sciences.” International Encyclopedia
of the Social & Behavioral Sciences, 1094–1100. http://www.
sciencedirect.com/science/article/pii/B0080430767022476.

Nash, Nick, Lorraine Whitmarsh, Stuart Capstick, Tom Hargreaves,
Wouter Poortinga, Gregory Thomas, Elena Sautkina, and
Dimitrios Xenias. 2017. “Climate-Relevant Behavioral Spillover
and the Potential Contribution of Social Practice Theory.” Wiley
Interdisciplinary Reviews: Climate Change 8 (e481): 1–20.
https://doi.org/10.1002/wcc.481.

O’Brien, Liz, Jake Morris, Mariella Marzano, and Norman Dandy.
2017. “Promoting Sustainability Behaviours through Forestry.”
Forestry 90 (1): 88–98. https://doi.org/10.1093/forestry/cpw030.

Olson, Mancur. 1965. The Logic of Collective Action: Public Goods
and the Theory of Groups. Cambridge: Harvard University Press.
https://moodle.drew.edu/2/pluginfile.php/225050/mod_resource/
content/2/Olson %281967%29 Logic of Collective Action %
28book%29.pdf.

Opoku, Robert A., and Alhassan G. Abdul-Muhmin. 2010. “Housing
Preferences and Attribute Importance among Low-Income
Consumers in Saudi Arabia.” Habitat International 34 (2): 219–
27. https://doi.org/10.1016/j.habitatint.2009.09.006.

Oxford Dictionaries. 2018. “Behaviour | Definition of Behaviour in
English by Oxford Dictionaries.” Oxford University Press. 2018.
https://en.oxforddictionaries.com/definition/behaviour.

Painter, Julia E., Christina P.C. Borba, Michelle Hynes, Darren Mays,
and Karen Glanz. 2008. “The Use of Theory in Health Behavior
Research from 2000 to 2005: A Systematic Review.” Annals of
Behavioral Medicine 35 (3): 358–62. https://doi.org/10.1007/
s12160-008-9042-y.

Park, Keunhyun, Reid Ewing, Sadegh Sabouri, and Jon Larsen. 2019.
“Street Life and the Built Environment in an Auto-Oriented US
Region.” Cities 88 (February 2018): 243–51. https://doi.org/10.
1016/j.cities.2018.11.005.

Partanen, Jenni. 2015. “Indicators for Self-Organization Potential in
Urban Context.” Environment and Planning B: Planning and
Design 42 (5): 951–71. https://doi.org/10.1068/b140064p.

Podagrosi, Angelo, Igor Vojnovic, and Bruce Pigozzi. 2011. “The
Diversity of Gentrification in Houston’s Urban Renaissance:
From Cleansing the Urban Poor to Supergentrification.”
Environment and Planning A 43 (8): 1910–29. https://doi.org/10.
1068/a43526.

Polavieja, Javier G. 2015. “Capturing Culture: A New Method to
Estimate Exogenous Cultural Effects Using Migrant

Populations.” American Sociological Review 80 (1): 166–91.
https://doi.org/10.1177/0003122414562600.

Prestwich, Andrew, Jared Kenworthy, and Mark Conner. 2018. Health
Behavior Change: Theories, Methods and Interventions. New
York, NY: Routledge.

Pronello, Cristina, and Jean Baptiste Gaborieau. 2018. “Engaging in
Pro-Environment Travel Behaviour Research from a Psycho-
Social Perspective: A Review of Behavioural Variables and
Theories.” Sustainability (Switzerland) 10 (7): 1–22. https://doi.
org/10.3390/su10072412.

Qiao, Miao, Cecilia Wong, and Wei Zheng. 2019. “Sustainable
Urbanisation and Community Well-Being in Suburban
Neighbourhoods in Beijing, China.” International Journal of
Community Well-Being 2 (1): 15–39. https://doi.org/10.1007/
s42413-019-00019-9.

Ramos, Giselle Moraes, Winnie Daamen, and Serge Hoogendoorn.
2014. “A State-of-the-Art Review: Developments in Utility
Theory, Prospect Theory and Regret Theory to Investigate
Travellers’ Behaviour in Situations Involving Travel Time
Uncertainty.” Transport Reviews 34 (1): 46–67. https://doi.org/
10.1080/01441647.2013.856356.

Rehan, Reeman Mohammed. 2014. “Urban Branding as an Effective
Sustainability Tool in Urban Development.” HBRC Journal 10
(2): 222–30. https://doi.org/10.1016/j.hbrcj.2013.11.007.

Richardson, Michelle, Claire Louise Khouja, Katy Sutcliffe, and
James Thomas. 2019. “Using the Theoretical Domains
Framework and the Behavioural Change Wheel in an
Overarching Synthesis of Systematic Reviews.” BMJ Open 9 (6):
1–16. https://doi.org/10.1136/bmjopen-2018-024950.

Riel, Wouter van, Ellen van Bueren, Jeroen Langeveld, Paulien Herder,
and François Clemens. 2016. “Decision-Making for Sewer Asset
Management: Theory and Practice.” Urban Water Journal 13 (1):
57–68. https://doi.org/10.1080/1573062X.2015.1011667.

Roo, Gert De, and Elisabete A. Silva. 2010. A Planner’s Encounter
with Complexity. Surrey, UK; Burlington, VT: Ashgate.

Ryan, Robert L. 2012. “Landscape and Urban Planning The Influence
of Landscape Preference and Environmental Education on Public
Attitudes toward Wildfire Management in the Northeast Pine
Barrens (USA).” Landscape and Urban Planning 107 (1): 55–68.
https://doi.org/10.1016/j.landurbplan.2012.04.010.

Sætra, Henrik Skaug. 2017. “Exploring the Use of Agent-Based
Modelling in Mixed Methods Research.” Barataria. Revista
Castellano-Manchega de Ciencias Sociales, no. 22: 15–31.
https://doi.org/10.20932/barataria.v0i22.337.

Salet, Willem G. M. 2018. Public Norms and Aspirations: The Turn to
Institutions in Action. New York: Routledge.

Sarkar, Chinmoy, Chris Webster, and John Gallacher. 2018.
“Neighbourhood Walkability and Incidence of Hypertension:
Findings from the Study of 429,334 UK Biobank Participants.”
International Journal of Hygiene and Environmental Health 221
(3): 458–68. https://doi.org/10.1016/j.ijheh.2018.01.009.

Scalco, Andrea, Andrea Ceschi, Itad Shiboub, Riccardo Sartori, Jean-
Marc Frayret, and Stephan Dickert. 2017. “The Implementation of
the Theory of Planned Behavior in an Agent-Based Model for
Waste Recycling: A Review and a Proposal,” 270. https://doi.org/
10.1007/978-3-319-46331-5.

260 Journal of Planning Literature 38(2)

https://www.jstor.org/stable/43853710
http://www.mopt.org.pt/uploads/1/8/5/5/1855409/pm_nc_graph-based_model.pdf
http://www.mopt.org.pt/uploads/1/8/5/5/1855409/pm_nc_graph-based_model.pdf
https://www.forestry.gov.uk/pdf/behaviour_review_theory.pdf/&#x0024;file/behaviour_review_theory.pdf
https://www.forestry.gov.uk/pdf/behaviour_review_theory.pdf/&#x0024;file/behaviour_review_theory.pdf
https://www.forestry.gov.uk/pdf/behaviour_review_theory.pdf/&#x0024;file/behaviour_review_theory.pdf
http://www.sciencedirect.com/science/article/pii/B0080430767022476
http://www.sciencedirect.com/science/article/pii/B0080430767022476
https://doi.org/https://doi.org/10.1002/wcc.481
https://doi.org/https://doi.org/10.1093/forestry/cpw030
https://moodle.drew.edu/2/pluginfile.php/225050/mod_resource/content/2/Olson
https://moodle.drew.edu/2/pluginfile.php/225050/mod_resource/content/2/Olson
https://doi.org/https://doi.org/10.1016/j.habitatint.2009.09.006
https://en.oxforddictionaries.com/definition/behaviour
https://doi.org/https://doi.org/10.1007/s12160-008-9042-y
https://doi.org/https://doi.org/10.1007/s12160-008-9042-y
https://doi.org/https://doi.org/10.1016/j.cities.2018.11.005
https://doi.org/https://doi.org/10.1016/j.cities.2018.11.005
https://doi.org/https://doi.org/10.1068/b140064p
https://doi.org/https://doi.org/10.1068/a43526
https://doi.org/https://doi.org/10.1068/a43526
https://doi.org/https://doi.org/10.1177/0003122414562600
https://doi.org/https://doi.org/10.3390/su10072412
https://doi.org/https://doi.org/10.3390/su10072412
https://doi.org/https://doi.org/10.1007/s42413-019-00019-9
https://doi.org/https://doi.org/10.1007/s42413-019-00019-9
https://doi.org/https://doi.org/10.1080/01441647.2013.856356
https://doi.org/https://doi.org/10.1080/01441647.2013.856356
https://doi.org/https://doi.org/10.1016/j.hbrcj.2013.11.007
https://doi.org/https://doi.org/10.1136/bmjopen-2018-024950
https://doi.org/https://doi.org/10.1080/1573062X.2015.1011667
https://doi.org/https://doi.org/10.1016/j.landurbplan.2012.04.010
https://doi.org/https://doi.org/10.20932/barataria.v0i22.337
https://doi.org/https://doi.org/10.1016/j.ijheh.2018.01.009
https://doi.org/https://doi.org/10.1007/978-3-319-46331-5
https://doi.org/https://doi.org/10.1007/978-3-319-46331-5


Schlüter, Maja, Andres Baeza, Gunnar Dressler, Karin Frank,
Jürgen Groeneveld, Wander Jager, Marco A. Janssen, et al. 2017.
“A Framework for Mapping and Comparing Behavioural
Theories in Models of Social-Ecological Systems.” Ecological
Economics 131: 21–35. https://doi.org/10.1016/j.ecolecon.2016.
08.008.

Scholz, John T, and Bruce Stiftel. 2005. Adaptive Governance and
Water Conflict: New Institutions for Collaborative Planning.
Edited by John T Scholz and Bruce Stiftel. Washington, D.C.:
Resources for the Future.

Silva, Elisabete A., and Keith C. Clarke. 2002. “Calibration of the
SLEUTH Urban Growth Model for Lisbon and Porto, Portugal.”
Computers, Environment and Urban Systems 26 (2002): 525–52.
https://doi.org/10.1016/S0198-9715(01)00014-X

Silva, Elisabete A., Lun Liu, Heeseo Rain Kwon, Haifeng Niu, and
Yiqiao Chen. 2020. “Hard and Soft Data Integration in
Geocomputation: Mixed Methods for Data Collection and
Processing in Urban Planning.” In Handbook of Planning
Support Science, edited by Stan Geertman and John Stillwell,
Ed., 37–55. Cheltenham: Edward Elgar Publishers. https://doi.
org/10.4337/9781788971089.00010.

Silva, Elisabete A., Lun Liu, Heeseo Rain Kwon, Haifeng Niu, and
Yiqiao Chen. 2021. “What’s New in Urban Data Analytics?” In
Applied Data Analysis for Urban Planning and Management,
edited by Alasdair Rae, and Cecilia Wong, 11–29. London: Sage.

Silva, Elisabete A., and Ning Wu. 2014. “DG-ABC: An Integrated
Multi-Agent and Cellular Automata Urban Growth Model.” In
Technologies for Urban and Spatial Planning: Virtual Cities and
Territories, edited by Nuno Norte Pinto, José António Tenedório,
António Pais Antunes, and Josep Roca, 57–92. Hershey, PA: IGI
Global. https://doi.org/10.4018/978-1-4666-4349-9.ch004.

Smaldino, Paul E. 2020. “How to Translate a Verbal Theory into a
Formal Model.” Social Psychology 51 (4): 207–18. https://doi.
org/10.1027/1864-9335/a000425.

Stern, P, T Dietz, T Abel, G Guagnano, and L Kalof. 1999. “A Value-
Belief-Norm Theory of Support for Social Movements: The Case of
Environmentalism.” Research in Human Ecology 6 (2): 81–97.
https://cedar.wwu.edu/hcop_facpubs/1/.

Sun, Longsheng, Mark H. Karwan, and Changhyun Kwon. 2016.
“Incorporating Driver Behaviors in Network Design Problems:
Challenges and Opportunities.” Transport Reviews 36 (4): 454–
78. https://doi.org/10.1080/01441647.2015.1091047.

Tajfel, H, and J.C. Turner. 1979. “An Integrative Theory of Inter-
Group Conflict.” In The Social Psychology of Inter-Group
Relation, edited by W.G. Austin and S. Worchel, Eds., 33–47.
Monterey, CA: Brooks/Cole.

Taylor, Nigel. 2010. “What Is This Thing Called Spatial Planning?: An
Analysis of the British Government’s View.” Town Planning
Review 81 (2): 193–208. https://doi.org/10.3828/tpr.2009.26.

Thagard, P. 2016. “Emotional Cognition in Urban Planning and
Design.” In Complexity, Cognition, Urban Planning and Design,
edited by J Portugali and E Stolk, Eds., 197–213. Berlin: Springer.

Van, Hong Tan, Kasem Choocharukul, and Satoshi Fujii. 2014. “The
Effect of Attitudes toward Cars and Public Transportation on
Behavioral Intention in Commuting Mode Choice-A Comparison
across Six Asian Countries.” Transportation Research Part A:

Policy and Practice 69: 36–44. https://doi.org/10.1016/j.tra.2014.
08.008.

Van Acker, Veronique, Frank Witlox, and Bert Van Wee. 2007. “The
Effects of the Land Use System on Travel Behavior: A Structural
Equation Modeling Approach.” Transportation Planning and
Technology 30 (4): 331–53. https://doi.org/10.1080/
03081060701461675

Vilalta, Carlos J., and Gustavo Fondevila. 2018. “Some Reasons for
Using Zipf’s Law in the Analysis of Urban Crime: The Case of
Mexico.” Papers in Applied Geography 4 (1): 34–45. https://doi.
org/10.1080/23754931.2017.1373257.

Waddell, Paul. 2007. “UrbanSim: Modeling Urban Development for
Land Use, Transportation, and Environmental Planning.” Journal
of the American Planning Association 68 (3): 297–314. https://
doi.org/10.1080/01944360208976274.

Webster, Chris, Jingjing Ruan, and Guibo Sun. 2018. “10. Private
Gains and Social Costs of China’ s Gated Communities.” In
Handbook of Cultural Security, edited by Yasushi Watanabe,
188–209. Cheltenham: Edward Elgar Publishing.

Whitley, Cameron Thomas, Louie Rivers, Seven Mattes, Sandra
T. Marquart-Pyatt, Arika Ligmann-Zielinska, Laura
Schmitt Olabisi, and Jing Du. 2018. “Climate-Induced Migration:
Using Mental Models to Explore Aggregate and Individual
Decision-Making.” Journal of Risk Research 21 (8): 1019–35.
https://doi.org/10.1080/13669877.2017.1281331.

Wohn, Donghee Yvette, Alcides Velasquez, Tor Bjornrud, and
Cliff Lampe. 2012. “Habit as an Explanation of Participation in
an Online Peer-Production Community.” Conference on Human
Factors in Computing Systems - Proceedings, 2905–14. https://
doi.org/10.1145/2207676.2208697.

Xu, Lin, Maoliang Ling, Yujie Lu, and Meng Shen. 2017. “External
Influences on Forming Residents’ Waste Separation Behaviour:
Evidence from Households in Hangzhou, China.” Habitat
International 63: 21–33. https://doi.org/10.1016/j.habitatint.2017.03.009.

Xu, Tingting, Jay Gao, Giovanni Coco, Shuliang Wang, Tingting Xu,
Jay Gao, Giovanni Coco, and Shuliang Wang Urban. 2020. “Urban
Expansion in Auckland, New Zealand : A GIS Simulation via an
Intelligent Self-Adapting Multiscale Agent-Based Model Urban
Expansion in Auckland, New Zealand : A GIS Simulation.”
International Journal of Geographical Information Science
34 (11): 2136–2159. https://doi.org/10.1080/13658816.2020.
1748192.

Yang, Lu, and Nigel Gilbert. 2008. “Getting Away from Numbers:
Using Qualitative Observation for Agent-Based Modeling.”
Advances in Complex Systems 11 (2): 175–85. https://doi.org/10.
1142/S0219525908001556.

Yen, Peter, Mikhail Filippov, and Siew Ann Cheong. 2019. “Emergent
Urban Morphologies in an Agent-Based Model of Housing.” In
Network Theory and Agent-Based Modeling in Economics and
Finance, edited by Anindya S. Chakrabarti, Lukáš Pichl, and
Taisei Kaizoji, 227–46. Singapore: Springer. https://doi.org/
https://doi.org/10.1007/978-981-13-8319-9.

Zellner, Moira, and Scott D. Campbell. 2015. “Planning for Deep-
Rooted Problems: What Can We Learn from Aligning Complex
Systems and Wicked Problems?” Planning Theory and Practice
16 (4): 457–78. https://doi.org/10.1080/14649357.2015.1084360.

Kwon and Silva 261

https://doi.org/https://doi.org/10.1016/j.ecolecon.2016.08.008
https://doi.org/https://doi.org/10.1016/j.ecolecon.2016.08.008
https://doi.org/https://doi.org/10.1016/S0198-9715(01)00014-X
https://doi.org/https://doi.org/10.4337/9781788971089.00010
https://doi.org/https://doi.org/10.4337/9781788971089.00010
https://doi.org/https://doi.org/10.4018/978-1-4666-4349-9.ch004
https://doi.org/https://doi.org/10.1027/1864-9335/a000425
https://doi.org/https://doi.org/10.1027/1864-9335/a000425
https://cedar.wwu.edu/hcop_facpubs/1/
https://doi.org/https://doi.org/10.1080/01441647.2015.1091047
https://doi.org/https://doi.org/10.3828/tpr.2009.26
https://doi.org/https://doi.org/10.1016/j.tra.2014.08.008
https://doi.org/https://doi.org/10.1016/j.tra.2014.08.008
https://doi.org/https://doi.org/10.1080/03081060701461675
https://doi.org/https://doi.org/10.1080/03081060701461675
https://doi.org/https://doi.org/10.1080/23754931.2017.1373257
https://doi.org/https://doi.org/10.1080/23754931.2017.1373257
https://doi.org/https://doi.org/10.1080/01944360208976274
https://doi.org/https://doi.org/10.1080/01944360208976274
https://doi.org/https://doi.org/10.1080/13669877.2017.1281331
https://doi.org/https://doi.org/10.1145/2207676.2208697
https://doi.org/https://doi.org/10.1145/2207676.2208697
https://doi.org/https://doi.org/10.1016/j.habitatint.2017.03.009
https://doi.org/https://doi.org/10.1080/13658816.2020.1748192
https://doi.org/https://doi.org/10.1080/13658816.2020.1748192
https://doi.org/https://doi.org/10.1142/S0219525908001556
https://doi.org/https://doi.org/10.1142/S0219525908001556
https://doi.org/https://doi.org/https://doi.org/10.1007/978-981-13-8319-9
https://doi.org/https://doi.org/https://doi.org/10.1007/978-981-13-8319-9
https://doi.org/https://doi.org/10.1080/14649357.2015.1084360


Zellner, Moira L., Scott E. Page, William Rand, Daniel G. Brown,
Derek T. Robinson, Joan Nassauer, and Bobbi Low. 2009. “The
Emergence of Zoning Policy Games in Exurban Jurisdictions:
Informing Collective Action Theory.” Land Use Policy 26 (2):
356–67. https://doi.org/10.1016/j.landusepol.2008.04.004.

Zhao, Zhan, Haris N. Koutsopoulos, and Jinhua Zhao. 2018. “Detecting
Pattern Changes in Individual Travel Behavior: A Bayesian
Approach.” Transportation Research Part B: Methodological 112:
73–88. https://doi.org/10.1016/j.trb.2018.03.017.

Author Biographies

Heeseo Rain Kwon is a Postdoctoral Research Fellow at the Bartlett
School of Planning, University College London (UCL) and a

Visiting Research Fellow at the Department of Real Estate and
Planning, University of Reading. Since her PhD at the University of
Cambridge, her research focuses on the application of behavioural the-
ories in agent-based modelling (ABM), the intersection of real estate
and planning in the urban development decision-making, and sustain-
able and healthy urban growth and travel behaviour.

Elisabete A. Silva is a Professor at the Department of Land
Economy, University of Cambridge and the Director of the Lab of
Interdisciplinary Spatial Analysis. Her research interests are centred
on the application of new technologies to spatial planning in particular
city and metropolitan dynamic modelling through time. Her subject
areas include land use, transportation, data science, complexity
theory, geographic information systems, and ABM and cellular autom-
ata models.

262 Journal of Planning Literature 38(2)

https://doi.org/https://doi.org/10.1016/j.landusepol.2008.04.004
https://doi.org/https://doi.org/10.1016/j.trb.2018.03.017

	 Introduction
	 Methodology
	 Systematic Literature Review
	 Expert Interview and Survey

	 Portfolio of Behavioral Theories in Planning-Related Fields
	 Types of Behavior, Hierarchy of Theories, Family Tree, and Overlapping Concepts in Planning-Related Fields
	 Discussions
	 Different Focus of Types of Behavior and Theories in Each Planning-Related Field
	 Definition and Inter-Disciplinary Nature of Behavioral Theories
	 Further Classification of Types of Behavior, Cultural Context, and Relevant Determinants
	 Linking Behavioral Theories with Behavioral Rules
	 Importance of Behavioral Theories and Mixed Methods Approach in Urban Modeling
	 Importance of Understanding Different Scales of Behavior and Theories
	 Importance of Philosophical Discussions When Applying the Results of Behavioral Models to Public Policy

	 Conclusion
	 Acknowledgments
	 Notes
	 References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile ()
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 5
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2003
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    33.84000
    33.84000
    33.84000
    33.84000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    9.00000
    9.00000
    9.00000
    9.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames false
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks true
      /AddColorBars false
      /AddCropMarks true
      /AddPageInfo true
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


