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Preferential associations in an
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social network analysis to a
dynamic sow herd
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Preferential associations are fitness-enhancing ties between individuals,

documented in a range of taxa. Despite this, research into preferential associations

remains underrepresented in commercial species, particularly pigs. This study

investigates the development of preferential associations in a dynamic sow herd.

Preferential associations were defined as approaching a resting sow and then

sitting or lying with physical contact with the selected sow, separated by < 1m

from the head or directly next to her, with interaction tolerated for > 60 s. For

individual identification, each sow was marked with colored dots, stripes, or both,

corresponding to their ear-tag number. Preferential associations were measured

over one production cycle of 21 days. Behavioral observations took place on 7

days of the study, with 3h of behavior per day recorded during peak activity times

(08:00–09:00, 15:00–16:00, 20:00–21:00h). Behaviors were recorded using five

cameras, each positioned within the barn to provide coverage of the functional

areas. The network metrics applied included in-degree centrality (received

ties), out-degree centrality (initiated ties), centralization (the extent to which an

individual is central within the network), clustering coe�cient (a measure of tie

strength), and the E-I Index (ameasure of assortment by trait: parity, familiarity, and

sociality). Individuals were added and removed during the study, so the centrality

metrics of missing sows were weighted. To describe the structure of the network,

brokerage typologies were applied. Brokerage typologies include five positions,

including coordinators, gatekeepers, representatives, consultants, and liaisons.

The results revealed social discrimination in assortment by connectedness even

when ties were not reciprocal, and the most connected sows were significantly

more likely to be approached than less connected individuals. The most

connected sows had significantly higher in-degree and out-degree centrality.

With the application of brokerage typologies, the results showed a relationship

between connectedness and brokering type, with the most connected sows

predominantly engaging in coordinating behavior. The results suggest that the

motivation for discrimination in the unstable preferential association network

was not founded upon bidirectional interactions. These findings highlight the

complexities involved when forming social preferences and present a platform for

further exploring the motivations for preferential associations among intensively

farmed pigs.
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Research highlights

- Reciprocity is not a motivator for establishing
preferential associations.

- There is a relationship between social discrimination
and connectedness.

- Brokerage typologies exist in the preferential association
network of dynamic sows.

- Individual sociality drives specific brokering behaviors.

1. Introduction

Social ties are important relationships that enable the
formation of beneficial, complex interactions between gregarious
conspecifics. Positive social relationships are ties that bind
individuals in different social contexts, such as pair bonds,
maternal–offspring bonds, littermate bonds, and peer–peer
bonds. These bonds are positive because they provide both
physical and psychological fitness-enhancing benefits that
support overall wellbeing. In commercial species, these ties
are beneficial because they are shown to attenuate social and
environmental stressors, support immune system functions,
and improve welfare states (1, 2). The development of positive
bonds is dependent on the discriminatory social selection of a
conspecific, referred to as a preferential association (3). Unlike
social support or buffering, which may be context-dependent,
non-specific, and transitory (4), preferential associations are
considered stable, non-random relationships (5) that extend
beyond parent–offspring interactions. Measures of preferential
associations cover an extensive range of species-specific behaviors,
including tactile contact, play interaction, or proximity-based
[i.e., (6–8)].

At the individual level, socially bonded animals experience
greater wellbeing, as demonstrated by the relationship between
the formation of preferential associations and the positive effects
these bonds have on longevity, yield, reproductive success, and
offspring survival (1, 5, 9, 10). To date, research has focused
on the fitness benefits of preferential associations in wild taxa
[e.g., (5, 11–13)]. Individual differences play a key role in the
ecological processes underlying social discrimination in wild
species, where the phenotypic and genotypic specific traits (i.e.,
size and sex) of a conspecific can enhance fitness and survival
(14). The biological and social benefits acquired from conspecifics
can include improved reproduction and offspring survival through
mate selection, the learning of skills that increase mating success,
predator avoidance, communication skills, and the acquisition of
knowledge pertaining to feeding sites (15–18). However, behavioral
traits and familiarity have also been shown to drive preferred
partner selection (19, 20). Recently, socially selected ties have been
observed in studies of commercial species, especially in variable
social and physical environments [e.g., goats (21); pigs (7); horses
(22); dairy cattle (23, 24); sheep (25)]. Although commercial species
face different challenges than their wild counterparts, establishing
preferential associations in domestic animals is a step toward
understanding how positive interactions can be incorporated into
management strategies to mitigate the stressors experienced by
intensively farmed species.

The benefits of social bonds in wild boar (Sus scrofa) can
be characterized by the sustained reciprocal affiliations that
develop between mothers and offspring, and between non-related
individuals (26, 27) and the resulting cooperative behavior for
foraging, caregiving, and predator avoidance (26, 28). Although
matriarchal groups are typically stable (29), they are subject
to seasonal changes in the social configuration determined by
environmental factors (30, 31). Wild boar social behavior is
extremely robust when subjected to changes in social configuration.
Bieber et al. (27) found that when wild, unrelated, female boars
of the same age were housed together, they formed stable groups
without the presence of a linear hierarchy. In contrast, in a
commercial setting, social structure is degraded due to large herds
and dynamic practices (32, 33), where unfamiliar individuals
are routinely added and removed from the herd, altering the
social configuration. Therefore, establishing long-term preferential
associations representative of wild boar relationships presents a
challenge for commercial pigs housed in socially unstable networks,
to which they are not genetically predisposed (34).

Under seminatural and free-range conditions, piglets form
social bonds with non-littermates (35, 36). More recently, Goumon
et al. (7) revealed the development of dyadic preferences in a
stable group of 12-week-old commercial pigs housed in a mixed
herd of three litters, providing further support that social stability
enables the development of preferential relationships in early life.
Related studies also show that in the absence of social mixing,
there is a reduction in socio-negative behaviors (37), which
represents a persisting welfare issue in commercial pigs (38). These
findings present an opportunity to explore the development of
preferential ties at alternative production stages and under different
management practices.

Limited research on the development of positive social
relationships in dynamic pigs indicates that when social remixing
is implemented, the development of stable dyadic bonds remains
unresolved (3) due to the confounding factor of preferred lying
location (39, 40). Dynamic pigs refer to animals housed in a
production system where individuals are routinely added and
removed from the social group. A recent spatial proximity study
of gestating sows revealed the formation of stable subgroups within
a large dynamic herd (41), supporting an attempt at self-regulation
of herd size consistent with wild boar behavior. Nonetheless, the
study described the community structure of an undirected network.
If the assumption of preferential associations or “friendships” refers
to a bidirectional, dyadic tie (3, 42), then directed networks must
be employed to decipher the true nature of the social bond at the
individual level, a perspective shared by authors in their previous
studies [i.e., (6, 43)].

The current study extends the understanding of the complex
behavioral processes and motivations for the emergence of social
bonds in an unstable setting using several social network analysis
metrics. The application of social network analysis allows for
the assessment of group structure and individual-level behaviors.
Group-level metrics, including centralization, density, reciprocity,
the clustering coefficient, and external–internal index reveal details
of group cohesion, provide an overview of the strength of social ties
that exist within the social network, and the capacity to evaluate
assortment based on social and biological attributes. Individual-
level metrics, including in-degree centrality (received behavior) and
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out-degree centrality (initiated behavior), allow for the analysis of
individual differences in behavior with respect to specific social
mechanisms. In the current study, these social mechanisms are
determined by the application of subgroups, including the k-cores
(connectedness) and brokering typologies. Traditionally, brokering
behavior is determined with the application of the social network
metric of betweenness centrality, which extends beyond dyadic
interactions to identify individuals within a social group that
may be more influential than conspecifics in a behavioral or
biological transmission network (44–46). In affiliative behavior
networks, brokering individuals that broker are important for
group fitness as they allow for increased social cohesion [e.g.,
(47)]. Beyond the traditional measure of betweenness centrality,
brokering typologies can be applied to enhance the understanding
of individual behavioral transmission at the subgroup level. There
are five brokering typologies including coordinator, gatekeeper,
representative, liaison, and consultant (48). Each of the brokering
typologies transfers behavior within and between subgroups in
a specific manner. To date, brokering typologies have not been
applied to positive behavior networks in animals.

Our previous social network analysis study investigated
preferential associations to identify prominent and influential
sows in three preferential association networks (45). The findings
revealed subgroups (k-cores) with an assortment of connectedness
and general instability in behavior. We additionally applied
brokering typologies to the agonistic networks of the same study
herd (49), identifying a range of brokering behavior within and
between the subgroups (k-cores). This study of agonistic behaviors
revealed a relationship between sociality and individual brokering
type. The current study investigates the emergence of social
bonds in an unstable setting by applying brokerage typologies
to a preferential association network of sows housed under
unstable social conditions. Preferential associations were observed
to be based on resting proximity, and a directed network was
implemented to distinguish between the initiator and recipient of
the behavior. Our research also evaluated preferential assortment
based on attributes, including parity, familiarity (determined by
breed group), and sociality (determined by an individual’s level
of connectedness). Due to the emergence of subgroups in the
agonistic and preferential association networks of a dynamic
herd, our overarching hypothesis is that individuals engage in a
predominant brokering typology within a preferential association
network, determined by their level of connectedness.

2. Methods

2.1. Animals and housing

This study was conducted at Sturgeon’s Farm, Writtle
University College, Chelmsford, Essex, United Kingdom, which
supports an 80-sow unit. The herd consisted of a commercial
cross of Landrace x Large White, with parities ranging from one
to six. During gestation, animals had free movement within the
dry barn (Supplementary Figure 1) to all functional areas and ad

libitum access to straw. Functional areas included the straw-bedded
area, the passageway, the drinking station, and the electronic sow
feeder station. The straw-bedded area measured 20m × 6.5m,

with additional space in the shared passageway of 17m × 3m.
Two electronic sow feeders and five nipple drinkers were in the
passageway. Stocking densities within the barn were variable,
resulting from the dynamic system, allowing for∼2.32 m2 per sow.
The sows were apportioned rations of Delta Renovo TD sow pellets,
with individual quotas metered electronically and determined by
body size. Sturgeon’s Farm operates a dynamic production system
in which small groups (∼12 sows) are artificially inseminated and
mixed into the herd every third Tuesday, following a continuous
cycle of production: farrowing week, breeding week, and weaning
week. A production cycle is defined as a 21-day observation period
in the dry barn. For individual identification, each sow was marked
with colored dots, stripes, or both on their backs using a livestock
marker, which corresponded to the ear-tag reference number. The
number of sows observed in the study was 78.

2.2. Video observation data

Observations of the herd were recorded using five H.265
4MP Eyeball PoE infrared dome cameras (Genie, WIP4EBVS).
Each camera was positioned in the barn to access the key
functional areas, including the straw-bedded area, the passageway,
the isolation pen, the feeders, and the drinking station. The footage
was recorded continuously onto an H.265 eight-channel network
video recorder (Genie, WNVR185) fitted with a 3TB hard drive.
The DVR was housed in a side room of the barn, accessible without
disturbing the sows, and connected to a 21.5

′′

LED Hi-Res VGA,
DV1HDMI CCTVmonitor (Genie, LM-215). Behavioral data were
collected over one production cycle in November 2017. The hours
of observation, 08:00–09:00 h, 15:00–16:00 h, and 20:00–21:00 h,
were determined by the prior pilot study, which investigated the
optimum times for sow activity. Video observations took place on
7 days of the production cycle, including the day before mixing
and the day of mixing. Observations then continued for the 3
consecutive days following the mixing event [as in (50)], the period
when the social structure is restabilized (51). The seventh and 14th
days after mixing was also selected to allow for temporal changes
in behavior. Overall, 21 h of video footage were included. The same
researcher (SJ) conducted the observations.

2.3. Behavioral measures

Behavioral sampling used an all-occurrences (52) recording
method for preferential associations in the production cycle.
Preferential associations were defined as the social selection of
a resting partner (Table 1). The frequency of interactions was
recorded between the initiator and recipient of the preferential
association to provide a directed and weighted network (in which
the total number of interactions for each sow was included),
allowing for the distinction between in-degree centrality and out-
degree centrality. In-degree centrality refers to the total number
of received preferential associations. Out-degree centrality refers
to the total number of initiated preferential associations. The
positive outcomes recorded toleration of an initiator >60 s. Due
to the use of weighted data, threshold filters were applied to the
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TABLE 1 Ethogram of preferential associations.

Behavior Description

Preferential associations

Social selection of resting
partner

Approaching a resting sow and then sitting or
lying with physical contact or resting (asleep
or awake) next to the selected sow, separated
<1m from the head of the selected sow and
directly next to her. The proximity of the
approaching sow was tolerated >60 s.

Adapted from Durrell et al. (3).

TABLE 2 Description and threshold levels of preferential associations for

the original network (n = 78), the mean network (n = 70), and the 1.5 ×

mean network (n = 42).

Network
composition

Description of the
network

Threshold
measure applied

Original The original and unfiltered
network, consisting of all
preferential associations,
including singular
interactions taken over the
seven days of observations.

Inclusive of 1–5 interactions
between any initiator and
the same recipient.

Mean The mean network
consisting of the mean
weighted degree of
preferential associations
taken over the seven days
of observations.

Inclusive of 2–5 interactions
between any initiator and
the same recipient.

1.5×mean The 1.5×mean network
consisting of the 1.5× the
mean weighted degree of
preferential associations
taken over the seven days
of observations.

Inclusive of 3–5 interactions
between any initiator and
the same recipient.

preferential association network. In line with previous, related
studies of preferential associations [e.g., (3, 7, 53, 54)], it is required
to apply thresholds to the interactions between an initiator and
the same recipient. Thresholds were applied to further ensure that
potentially random interactions could be discounted, as random
interactions should not be considered a preferential association. In
this study, there were three thresholds for interaction: the original
network (with no thresholds applied), the mean network, and the
1.5 × mean network (Table 2). This allowed for comparisons in
group structure and cohesion between the three networks as the
threshold level required to be included in the network increased.
The mean network, in which the threshold level was set at ≥2
interactions between an initiator and the same recipient, was
selected for further analysis.

2.4. Construction of the social network and
social network metrics

2.4.1. Centrality measures: betweenness
centrality and degree centrality

Betweenness centrality (55) is an individual-level social
network metric that provides a measure of the number of times
an individual falls along the pathway between two previously

unconnected individuals (56). An individual that is not on any
pathway between two others will have a betweenness centrality
value of 0.

Degree centrality is an individual-level social network metric
and refers to the total number of behavioral interactions that
an individual has within a network (56). The network included
received ties (in-degree centrality) and initiated ties (out-degree
centrality). For example, a sow with an in-degree centrality of 15
was the recipient of 15 counts of a preferential association (not
necessarily from the same initiator), and a sow with an out-degree
centrality of 12 initiated 12 counts of a preferential association (not
necessarily to the same recipient). There were potentially 21 h of
video observations per sow. However, due to the dynamic nature
of the herd, numerous sows (n = 14) were not consistently present
during the 21 h of observations. For these missing individuals, the
data were weighted to account for the number of hours the sows
remained absent from the network, with a coefficient applied to
the in-degree and out-degree centrality of these individuals. The
coefficient assumes that the rate of individual social interactions
is consistent across hours. The study is not looking at changes
in behavior over time within the production cycle; therefore, this
assumption is justified. The coefficient applied to absent sows is
y= n/x,

where
y= weighted value of interactions per hour observed.
n= value of either in-degree or out-degree centrality.
x= number of hours observed.

2.4.2. Centralization
Centralization is a group-level social network metric defined as

the extent to which the network is dominated by one individual
and how central that individual is in the network compared with
others (56). The range of centralization is determined by the
variance and equality of individual centrality in a social group
(57). Inequality of centrality metrics provides a centralization
value closer to one, revealing individuals within the group with a
disproportionately higher level of centrality than their conspecifics.
Decentralized networks reflect greater equality between individual
centrality metrics and present a centralization value closer
to zero.

2.4.3. External-internal index
The E-I Index is a measure of group embedding and evaluates

the extent to which homophily or heterophily based upon ego-
similarity is occurring within a network (56). The E-I Index is
reported on a scale from −1 (perfect homophily) to 1 (perfect
heterophily). The E-I Index was applied to evaluate the extent
to which sows assorted by parity, familiarity (based on breeding
group), and sociality (based on k-core). Parities ranged from one
to six, breeding groups (1–7) were organized based on farrowing
data, and coreness value (k-cores) ranged from one to four.

2.4.4. Density
Density is a group-level social network metric and refers to

the proportion of all possible dyadic ties that are present within a
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network. In a directed network, the maximum number possible is n
(n−1), where n is the total number of nodes (56). Nodes are defined
as the individuals that comprise a network (56). Density provides a
representation of group cohesion and, in this study, relates to the
proportion of preferential associations that are engaged. Density is
reported on a scale from 0 to 1, and a low density would be closer to
0, indicating little cohesion between herd members. For example, a
density of 0.15 would show that only 15% of all potential ties were
present within a network.

2.4.5. Reciprocity
Reciprocity is a group-level social network metric that looks

at the extent to which a tie between two nodes is mutual (56).
Directed networks have four potential dyadic relationships that can
occur: A does not have a relationship with B (null dyad); A interacts
with B without reciprocation (asymmetric dyad); B interacts with A
without reciprocation (asymmetric dyad); or A and B interact with
each other (symmetric dyad). The maximum value for reciprocity
is 1 (perfect reciprocity), consisting of only symmetric dyads. The
minimum value for reciprocity is 0 (anti-reciprocity), consisting of
only asymmetric or null dyads.

2.4.6. Clustering coe�cient
The clustering coefficient reports on whether there is

transitivity in a network, and as a group measure, it is the mean
of the individual clustering coefficients for each node (56). The
coefficient evaluates whether, if A and B are connected and B and
C are connected, to what extent will A and C be connected. If A, B,
and C are connected, there is triadic closure (58). The clustering
coefficient is reported on a scale between 0 and 1, with 1 being
perfect triadic closure and 0 showing no triadic closure. A low
clustering coefficient reflects that ties between individuals within
a network are weak and a high clustering coefficient shows that
ties are strong. This study implemented a weighted overall graph
clustering coefficient, described as the most effective method for
measuring transitivity (56).

2.4.7. Quantification of the subgroups
K-cores have been applied to the preferential association mean

network (n = 70) to ascertain subgroups based on connectedness.
A k-core is a sub-graph in which every individual has degree k

or more connections with conspecifics within the sub-graph (56)
and is implemented for the identification of sub-structures within
a network (59). The k-core (coreness value) reflects the minimum
number of nodes a sow connects with but does not show the weight
of the interactions (e.g., degree centrality). For example, a K1 sow
(connected to at least one other) may have few connections but a
high degree of centrality if they interact with conspecifics multiple
times. In contrast, a K4 sow (connected to at least four others) may
have a low degree of centrality.

2.4.8. The application of brokerage typologies
The brokerage position (48) is an individual-level social

network metric that measures the extent to which an individual

lies on the directed path between two previously unconnected
individuals. Brokerage typologies (Supplementary Figure 2) consist
of five brokerage typologies, namely, coordinators, gatekeepers,
representatives, consultants, and liaisons (48, 60). Brokerage
typologies are not mutually exclusive, with individuals capable of
taking on one or multiple roles independently over time. Brokerage
typologies require individuals to be sorted by a specific trait,
representing subgroups within a network (48). In this study, due
to an assortment by sociality, the trait applied was an individual’s
coreness value (k-core). To investigate behavioral differences
between brokerage typologies and the formation of social bonds
within and between subgroups in the preferential association
network, census data, and normalized relative brokerage scores
were applied. Census data refer to the actual frequency with which
each brokerage typologies is engaged in each subgroup, providing a
count at the network level. Normalized relative brokerage refers to
the brokerage raw scores divided by the expected value, providing
a brokerage profile for each sow, indicating which brokerage
typologies they are predominantly engaged in. The normalized
relative brokerage profiles determined the brokerage typology to
which an individual was assigned.

2.5. Social network analysis and statistics

Social network properties for in-degree centrality, out-degree
centrality, density, centralization, the E-I Index, reciprocity, the
clustering coefficient, k-cores, census data, and relative normalized
brokerage were performed for the preferential association network
in Ucinet 6, version 6.634 (61). To determine the effect of subgroup
(k-core) and the formation of social bonds (based on preferential
associations), data were fitted with generalized linear mixed models
(GLMMs) using a negative binomial distribution. GLMMs were
performed in R.3.4.1 (62) using the R package lme4, version 1.1-21
(63). For each model, fixed effects were the subgroup (K1, K2, K3,
and K4), and random effects were the sow identification number.

2.6. Ethics

The study was approved by the Writtle University
Ethics Committee on 04/04/17. Form AW1-Animal Welfare,
reference: 98363980.

3. Results

3.1. Visualization of the networks

The sociograms illustrated the preferential associations
between sows in the unfiltered (Figure 1, n = 78), mean (Figure 2,
n = 70), and 1.5 × mean (Figure 3, n = 42) networks. The
sociograms showed the total number of interactions across the
seven preselected days of video observation, with 21 h of footage.
The edges between nodes were weighted and directed. Directed
interactions illustrated who approached whom where there was at
least one interaction in which proximity was tolerated beyond 60 s.
The sociograms highlighted that the cohesiveness of the networks

Frontiers in Veterinary Science 05 frontiersin.org

https://doi.org/10.3389/fvets.2023.1166632
https://www.frontiersin.org/journals/veterinary-science
https://www.frontiersin.org


Jowett et al. 10.3389/fvets.2023.1166632

FIGURE 1

Directed sociogram of all preferential associations in the original network (n = 78), observed over a production cycle (21 days) between dry-housed,

gestating sows at Sturgeon’s Farm, Writtle University College, Essex, UK. The blue squares represent the individual nodes within the network.

Previously published in Jowett and Amory (45). Copyrights were obtained.

FIGURE 2

Directed sociogram of all preferential associations in the mean network (n = 70), observed over a production cycle (21 days) between dry-housed,

gestating sows at Sturgeon’s Farm, Writtle University College, Essex, UK. Reciprocated ties are shown as red edges. The blue squares represent the

individual nodes within the network. Previously published in Jowett and Amory (45). Copyrights were obtained.

declined as the required threshold of interaction necessary to be

included in a specific network increased. Reduced cohesiveness

was demonstrated by the increased count of components within
each network, with the unfiltered network showing the maximum

global cohesion. Reciprocated ties within the sociograms were
represented by red lines.

3.2. Network descriptive measures and
structure

Density revealed that a low proportion of all potential
preferential associations were present in all three networks, with
only 4 and 2% of possible connectionsmade in the filtered networks
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FIGURE 3

Directed sociogram of all preferential associations in the 1.5 x mean network (n = 42), observed over a production cycle (21 days) between

dry-housed, gestating sows at Sturgeon’s Farm, Writtle University College, Essex, UK. Reciprocated ties are shown as red edges. The blue squares

represent the individual nodes within the network. Previously published in Jowett and Amory (45). Copyrights were obtained.

TABLE 3 General network metrics for the original network (n = 78), the

mean network (n = 70), and the 1.5 × mean network (n = 42).

Original
network

Mean
network

1.5 ×
mean

network

General properties

Isolates 0 8 36

Components 1 9 45

Network-level

Density 0.17 0.04 0.02

Mean degree 12.91 5.1 0.88

Centralization degree 0.14 0.13 0.09

Centralization In-degree 0.06 0.09 0.05

Centralization Out-degree 0.04 0.05 0.05

Clustering coefficient 0.231 0.077 0.044

Arc reciprocity 0.264 0.124 0.108

Mean betweenness 73.99 158.37 3.36

(Table 3). Within the 1.5 × mean network, the low proportion of
preferential links was consistent with the number of isolates and
nodes unconnected to any other node, and the pattern of behaviors
revealed a marked increase in the number of isolates as the
threshold level increased, with no isolates in the unfiltered network,
eight isolates in the mean network and 36 isolates in the 1.5×mean
network. The results indicate a lack of propensity to establish more
sustained associations as the threshold for interaction increased
and are further supported by the mean degree results. The mean

degree for each network decreased as the threshold for interaction
increased (Table 3). Overall population centralization (Table 3) for
all three networks was low (original = 0.14, mean = 0.13, 1.5 ×

mean = 0.09), indicating decentralized networks. Comparisons to
the mean betweenness centrality also demonstrated that the mean
network contains more individuals with greater influence than the
other two networks.

The reciprocity of all initiated preferential associations in all
three networks did not notably deviate from the density levels
(Table 3), suggesting that a high proportion of reciprocated ties
were occurring randomly. Nevertheless, as reciprocity values were
slightly higher than 0 (original= 0.264, mean= 0.124, 1.5×mean
= 0.108), there was the presence of a small number of mutual
connections. Additionally, the clustering coefficients indicated little
closure between the triadic interactions (original = 0.231, mean =

0.077, 1.5 × mean = 0.044), and the coefficients hardly differed
from density in all three networks (Table 3), suggesting that the
preferential ties between any two individuals were weak, with little
transitivity occurring.

3.3. Application of the E-I Index

The ego-alter similarity of defined attributes within the mean
network was measured using the E-I Index (10,000 permutations).
No constraints were observed for the given density of group size for
each attribute, so the re-scaled E-I Index was not reported. For each
attribute, the maximum E-I value was 1 (perfect heterophily/all
ties are external), and the minimum E-I value was −1 (perfect
homophily/all ties are internal). Parities ranged from one to six,
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breeding groups (1–7) were organized based on farrowing data, and
k-cores ranged from K1 to K4 (Supplementary Table 1).

The results show a lack of deviation between the observed E-
I Index and the expected E-I Index and positive E-I Index values
for the parity and breeding group, revealing that the ego-alter
assortment in the mean preferential association network was not
motivated by similarities of parity or familiarity through a breeding
group. In comparison, the assortment was driven by the k-core
subgroup, as the negative E-I Index value also deviated more
significantly from the expected outcome. Relative comparisons
with the standard error suggested a rejection of the null hypothesis,
with results appearing to be less random between members of
the same k-core. This finding was supported by the results of the
random permutations test, which show that associations based on
k-core did not occur by chance (p < 0.05).

3.4. Application of the subgroups (k-cores)

Despite a lack of cohesiveness and clustering demonstrated in
all three preferential networks overall (Table 3), the application of
the k-cores to the mean network revealed the presence of four
interconnected core areas (Figure 4): K1 (n = 4), K2 (n = 10), K3
(n = 29), and K4 (n = 27). The mean network was selected as
it demonstrated the network with the highest mean betweenness
(158.37) and centralization in-degree (0.09), indicating the network
with potentially more influential sows. The maximal subgroup (K4,
n= 27) reflected the most cohesive region of the network, although
K3 (n= 29) represented the largest group of connected individuals.
Two further subgroups were located on the periphery of the mean
network, albeit consisting of a much smaller number of nodes (K2,
n= 10; K1, n= 4).

3.5. Sociability and the subgroups (k-cores)

K-core had a significant effect on the number of received
preferential associations (in-degree centrality) that occurred
between the subgroups (Figure 5). Individuals within K4 received,
on average, 9.7 ± 4.2 SD approaches, a value significantly higher
(GLMM, coef. 0.58, z 4.4, p< 0.001) than those in K1 (1.5± 1.3SD),
K2 (4.0± 1.8SD) and K3 (5.4± 3.1SD).

The results also show that the sociability of an individual
had a significant effect on connectedness within the herd
(Figure 6). Sociability was measured by the frequency of initiated
approaches made by an individual, including approaches to
sows within other subgroups. Individuals within K4 initiated
an average of 10.4 ± 5.1 SD initiated approaches, a value
significantly higher (GLMM, coef. 0.72, z 4.2, p < 0.001) than
those in K1 (0.8 ± 1.5 SD), K2 (3.0 ± 2.9 SD) and K3 (5.2
± 3.5SD).

3.6. Sociability and parity

There were no significant differences between the frequency of
initiated (out-degree centrality) or received (in-degree centrality)

preferential associations and parity (Supplementary Table 2). The
results indicate that in this study, parity was not a predictor of the
sociability or popularity of an individual based upon a network of
preferential associations.

3.7. Application of the brokerage typologies

Brokerage typologies were applied to the subgroups of themean
preferential association network (n= 66). Due to inconsistencies in
the normalized relative brokerage score, four sows were removed
from the analysis, and these sows were removed from K3. The
network consisted of four subgroups: K1 (n = 4); K2 (n =

10); K3 (n = 25); and K4 (n = 27). Within the herd, 79%
(n = 52) of sows engaged in brokering behavior. Overall, the
results show that the mean preferential association network was
dominated by coordinators (Figure 7). The census count (Table 4)
showed a higher propensity for engaging in coordinating behavior
within the most highly connected sows (K4), with coordinating
behavior representing 58% (n = 416) of all potential brokerage
typologies. Coordinating behavior is described as brokering
between unconnected sows of the same k-core. In comparison, sows
in K3 predominantly engaged in gatekeeping behavior, described
as brokering between unconnected sows, one within the same k-
core as the gatekeeper and one belonging to a different k-core. Sows
in K2 demonstrated the potential for the greatest reach within the
network, with 50% of all brokering behavior revealed as liaising.
Liaising is described as brokering between two unconnected sows
in two different k-cores to which the liaison does not belong. Sows
in the least connected subgroup (K1) did not engage in any of the
five brokerage typologies.

4. Discussion

Overall, the study herd demonstrated a general lack of
cohesiveness, as indicated by the low-density results. As the
threshold for preferential associations increased, the proportion
of all possible dyadic ties decreased, with only 4 and 2% of
potential connections made in the mean and 1.5 × mean
networks, respectively. A lack of propensity to establish more
sustained preferential associations as the threshold level increased
is supported by the mean degree in each network. The sociograms
of the original, mean, and 1.5 x mean networks showed a decline
in cohesiveness, particularly in the 1.5 × mean network, in which
the requirement to be included was ≥ 3 interactions between the
same individuals. In this network, only 42 sows remained from
the original network, consisting of nine components, of which six
were dyads and only two reciprocated interactions. The greatest
cohesion was observed in the original, unfiltered network (n= 78),
a result of the inclusion of ties that occurred only once.

Single ties suggest randomness in the preferential selection,
yet it is difficult to differentiate between extrinsic (e.g., the
external factors including the physical and social environment) and
intrinsic (e.g., the internal factors including inherent behaviors and
individual differences) motivations for approaching or tolerating
conspecifics, a confounder highlighted in previous related research
[e.g., (3)]. Extrinsically, lying together is an essential function
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FIGURE 4

Directed preferential association sociogram of the mean network (n = 70) with the k-core analysis applied, showing the formation of four subgroups

within the herd including K4 (n = 27), K3 (n = 29), K2 (n = 10), and K1 (n = 4). The legend denotes the coreness value for each subgroup.

FIGURE 5

Distribution of received preferential associations between k-cores in the mean network (n = 70). In-degree centrality quartiles for the subgroups K1,

K2, K3, and K4. Sows quantified in K1 (n = 4) had a median in-degree value of 1.5. The maximum K1 in-degree centrality was 3 with a minimum value

of 0. Sows quantified in K2 (n = 10) had a median in-degree value of 4. The maximum K2 in-degree centrality was 7 with a minimum value of 0. Sows

quantified in K3 (n = 29) had a median in-degree value of 6. The maximum in-degree centrality was 13 with a minimum value of 0. Sows quantified in

K4 (n = 27) had a median in-degree value of 9. The maximum in-degree centrality was 16 with a minimum value of 2.

in social groups, particularly in pregnant sows, which have a
lower critical temperature (14◦C) due to feeding restrictions (64).
However, as the threshold for interactions increased within the
filtered networks, it was recorded that some individuals returned to

the same conspecific up to five times. During the study, individuals
had full access to the functional areas of the dry barn, including the
straw-bedded resting area and the passageway in which the feeders
and drinkers are located. With a variable stocking density in the
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FIGURE 6

Distribution of initiated preferential associations between k-cores in the mean network (n = 70). Out-degree centrality quartiles for the subgroups

K1, K2, K3, and K4. Sows quantified in K1 (n = 4) had a median out-degree value of 0. The maximum K1 out-degree centrality was 3 with a minimum

value of 0, giving a range of 3. Sows quantified in K2 (n = 10) had a median out-degree value of 3. The maximum K2 out-degree centrality was 9 with

a minimum value of 0. Sows quantified in K3 (n = 29) had a median out-degree value of 4. The maximum out-degree centrality was 16 with a

minimum value of 0. Sows quantified in K4 (n = 27) had a median out-degree value of 10. The maximum out-degree centrality was 18 with a

minimum value of 0.

dry barn and an∼2.32 m² space allocation per pig, higher than the
recommendation of the Red Tractor Assurance guidelines for pigs
(65), opportunities for conspecific avoidance were available.

The lack of propensity to establish more sustained preferential
associations as the threshold for inclusion increased was supported
by the mean degree in each network (original = 12.91, mean
= 5.1, 1.5 x mean = 0.88). The findings are consistent with
previous research, which also documented positive behaviors as
being rarer in commercial herds than in agonistic encounters (6).
The reciprocity values of preferential ties were low throughout the
study, with little variance between networks. The results imply
that these preferential approaches were not mutually beneficial,
despite the proximity of the initiator being tolerated, a suggestion
supported by Voelkl (66) who proposed generalized reciprocity
in unstructured networks. Furthermore, it is highlighted that
reciprocity of behavior was not a motivator for repeatedly
approaching the same individual.

The development of welfare and management approaches
founded on mitigating detrimental experiences through positive
behaviors in commercial species is an expanding area of animal
behavior research (2, 67), so the question of why and with
whom conspecifics bond is a pertinent one. Traditionally,
prosocial behaviors are recognized as those that have positive
effects at the individual and group levels, including caregiving,
affiliation, sharing, social learning, and cooperation (2). However,
differentiated behaviors such as preferential associations can have
an alternative level of complexity when species are exposed to social
changes to which they are not genetically predisposed, despite the

benefits of engaging in such relationships. In complex, multilevel
social groups, strong bidirectional ties (excluding mother-offspring
ties) are shown to be beneficial to fitness and survival (5), including
ties in unstable social groups (68), where demographic and social
changes maintain population cohesion (69). Yet, the evolved social
behavior of species adapted to the dynamics of a fission-fusion
social structure does not reflect the natural behavior of the pig,
shedding light on why individuals in the dynamic sow herd did not
establish reciprocated strong bonds that could serve to mitigate the
effects of a challenging environment.

The social context in an unstable commercial herd may have
a more profound effect on the construction of ties and the extent
to which their strength and reciprocity have fitness value at an
individual level than what would be expected in a stable herd. Wild
boars are predisposed to live in small, stable groups consisting of
two to four genetically related mature sows (mothers and daughters
or sisters), resulting in few but strong social bonds. These bonds are
maintained through a cohesive, linear hierarchy in which conflict is
reduced via the avoidance behavior of subordinates (70). Groups
fracture when weaned piglets leave the herd to form their own
separate groups (71). When wild boars are compared with feral
domestic pigs, there is little variation in the expression of social
behaviors (72), revealing that domestication has not suppressed
the biological drive to form social groups or express behaviors
that reflect those observed in their wild counterparts. Numerous
factors impede the ability of intensively farmed pigs to construct
and maintain such social ties, including large groupings, unfamiliar
and unrelated conspecifics, and social instability caused by mixing.
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FIGURE 7

Directed sociogram for the mean preferential association network (n = 66) with brokerage typologies applied including coordinators (n = 38),

gatekeepers (n = 6), representatives (n = 6), consultants (n = 0), liaisons (n = 2), and no brokering behavior (n = 14). The legend denotes the color

codes for the brokerage types.

TABLE 4 Census count of brokerage typologies within the k-cores (K1, K2, K3, and K4) in the mean preferential association network (n = 66).

K-core Census count Coordinator% Gatekeeper% Representative% Consultant% Liaison%

K1 (n= 4) 0 0 0 0 0 0

K2 (n= 10) 6 0 17 33 0 50

K3 (n= 25) 89 44 31 25 0 0

K4 (n=27) 416 58 23 15 2 2

Brokerage typologies include coordinators, gatekeepers, representatives, consultants, and liaisons.

However, both wild and domestic pigs are behaviorally adaptive
when presented with social or environmental challenges (73, 74).

Although accessing the strong social ties observed in wild and
domestic feral individuals is difficult for intensively farmed pigs,
their adaptive behavior may enable them to express their genetically
predisposed behaviors through alternative social mechanisms. For
example, in other species, a positive correlation between bonds
and survival has been documented, as shown between Barbary
macaques (Macaca sylvanus) and vervet monkeys (Chlorocebus
pygerythrus). In these instances, the benefits of positive huddling
behavior were observed in extreme weather conditions during
the winter months (75, 76). In these examples, it is the number
of bonds, not the quality of bonds, that is of value, and this
is an important distinction and one that must be considered
when evaluating the positive interactions between individuals in
an unstable social environment. Not all species engage in strong

preferential relationships to access fitness-enhancing benefits; the
low quantity of reciprocated ties in the study herd is in line with
recent research into the quality of strong bonds. Studies of female
chacma baboons (Papio ursinus) show that although individuals
who form some strong ties with conspecifics have fitness-enhancing
effects, it is the development of weak ties that improves infant
survival (77, 78).

Weak ties develop if there is little or no reciprocation in
behavior, consistent with the low clustering coefficient seen in the
herd. The clustering coefficient can determine whether triads of
individuals are forming within a social group (56). If ties between
individuals are strong (e.g., between A and B and between A and
C), then strong ties are more likely to develop between other
individuals within the triad (e.g., between B and C). In contrast,
Granovetter (79) proposed that weak ties allow access to new
information from various parts of a social network that would
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not be reached through the formation of strong ties and that
strong ties can limit interactions with less familiar nodes within a
network. Accordingly, the benefits of weak bonds are a significant
motivator for tie strength development and sustainability. The
existence of weak structural balance within the herd is consistent
with the dynamic and unstable nature of the environment, where
triadic ties are weak. Previous network studies have demonstrated
that dynamic systems cause social imbalance due to a failure
to engage in indirect “friendships,” in both ungulates and other
mammals (80, 81). In this instance, it is the evolved behavior of
a species that enables them to adapt their social strategies. For
example, Sundaresan et al. (80) demonstrated different strategies
to cope with fission-fusion societies and social instability in two
closely related species of equids, through either the formation
of close associations based upon sex and reproductive state or
more generalized weak associations. The introduction of new sows
to resident sows destabilizes the social structure, and the lack
of reciprocated behavior reflects the strategy of forming weak
associations, contravening their predisposition to form strong ties.
Therefore, the lack of reciprocated behavior reflects a behavioral
mechanism in the study herd that is potentially accessing some
form of social support (in which reciprocation of behavior is not
required) that is adapted and derived from the social context and
physical environment.

This behavioral strategy was revealed when looking beyond
the descriptive statistics. Initially, the metrics suggest that the
study herd is not forming positive social relationships or engaging
in social discrimination. When transitioning from the group to
the individual level of analysis, the profile of behavior becomes
intrinsically complex. In all three networks, centralization was low,
indicating a level of social equality between conspecifics. When the
k-cores (a measure of individual connectedness) were applied to
the mean network, it showed the development of four subgroups
(K1, K2, K3, and K4). Although the sows were not connecting at
a high rate of interaction, individuals within one of the largest and
most connected k-cores (K4, n = 27) were more socially central.
Advanced analysis of the k-cores further revealed that sows in K4
were not just more social (initiating significantly higher levels of
preferential approaches than conspecifics in other subgroups), but
were also more popular, receiving significantly more approaches.

The application of the k-cores shows which pigs are more likely
to engage in preferential associations (i.e., the most connected
individuals), yet it does not show the contact patterns with whom
they are interacting within and between subgroups. Sows in the
most connected subgroups (K3 and K4) predominantly engaged
in coordinating behavior, demonstrating preferential associations
toward conspecifics of the same subgroup. Sows within the
least connected subgroups (K1 and K2) did not engage in any
coordinating behavior. The consistency of the relationship between
brokerage type, connectedness, and behavior is in line with our
previous findings. When brokerage typologies were applied to the
aggression networks of dynamic sows in the same herd (49), a
relationship between brokerage typology and behavior was also
found, with sows in the most connected subgroups predominantly
engaging in coordinating behavior and being the greatest initiators
and recipients of aggression.

While the findings do not fully determine the development
of mutual relationships, they reveal that preferential associations
occur and, crucially, that these associations do not have to be
bidirectional. There are individuals within the dynamic herd
that have preferences for their social partner, regardless of
a lack of reciprocation in behavior, suggesting a quality of
social bonding not previously considered in commercial pigs.
It is a finding supported by previous studies of allogrooming
in dairy cattle, where asymmetric ties were more frequent
than mutual ties (6, 43). The low clustering coefficient in
the study herd (i.e., little triadic closure) is due to the lack
of reciprocity.

In the absence of homophily by parity or familiarity, traits
identified in other commercial species as motivators to form
preferential ties (21, 53), alternative motivations for seeking
asymmetric positive relationships must be considered. The most
connected sows predominantly engaged in the highest rates of
positive interactions through coordinating behavior, in which
behavioral transmission is confined to conspecifics within their
subgroup. In contrast, the lower-connected sows predominantly
engaged in brokering behavior (gatekeeping, representing, and
liaising) that interacted with individuals in other subgroups.
These patterns of behavior may indicate a form of discrimination
that is potentially driven by an individual’s perceived sociality
of a conspecific. The results showed that increased sociality
(coreness value) raised an individual’s social “profile” making
them preferable in the networks compared with less connected
sows. Kulahci and Quinn (82) recently proposed the concept of
valuable social partners, and although it remains unclear what
the benefits of associating with a highly connected sow may
be, the concept suggests that valuable social partners provide
a fitness-enhancing trait. In the absence of available benefits,
such as access to foraging sites, the most likely motivation
for a low-connected sow to approach higher connected sows
at the study farm would be the preferred resting location. In
this instance, an individual would not require reciprocation
of behavior, just social tolerance, a response documented in
poultry (83).

In contrast to lower-connected sows, the highest-connected
individuals were found in the largest subgroups (K3 and
K4), and unlike aggression, in which subgroup size may
determine restrictions or increase interaction opportunities
(84), motivations for interacting with conspecifics of the same
subgroup (coordinating) may stem from an alternative source in
positive behavior networks. One potential reason is “preferred
competition,” which may explain the lack of reciprocation in
behavior. Gutmann et al. (85) described preferential relationships
as non-affiliative, competitive relationships between familiar
animals where individuals prefer to interact both positively
and negatively with familiar conspecifics. Although it cannot
be assumed that sows within the same subgroup are familiar
with each other due to the dynamics of the social environment,
they may recognize an individual of equal social standing
(based on connectedness), a strategy employed to support
a degree of mutual social dominance in relationships. This
explanation is supported by other studies that have identified
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correlations between preferential associations and agonistic
interactions (23, 43).

5. Conclusion

The results show how individual variance in sociality at the
group level has the potential to affect the social structure and
cohesiveness of the group. Individual-level analysis reveals the
complexities involved in decision-making when deciding with
whom to engage in preferential associations. It remains unclear
whether dynamic gestating sows form strong social bonds, yet
the study reveals that positive ties are socially discriminatory,
albeit asymmetric, and seemingly determined by perceived social
standing within the herd. This presents opportunities to offer a
measure of social support in an unstable social setting consisting
of unfamiliar conspecifics. The novel measures of brokerage
typologies highlight contact patterns determined by an individual’s
sociality, with the most connected sows predominantly engaging
in coordinating behavior, offering enhanced insight into the social
structure that extends traditional social network analysis methods.
Similarities between brokerage type and connectedness in this
study and our previous work on aggression networks highlight a
pathway for future work to investigate the effects of social centrality
in multiple behavioral networks on the welfare and production of
dynamic sows.

Data availability statement

The raw data supporting the conclusions of this article will be
made available by the authors, without undue reservation.

Ethics statement

The animal study was reviewed and approved by Writtle
University College.

Author contributions

SJ contributed to the conception, design, acquisition of data,
statistical analysis, interpretation of the data, and writing of the
first draft of the manuscript. SJ and JA contributed to revising
the manuscript. All authors have read and approved the submitted
version of the manuscript.

Acknowledgments

Wewould like to thank the staff of the pig unit, Sturgeon’s Farm,
Writtle University College, Chelmsford, Essex, UK.

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be
construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the
authors and do not necessarily represent those of their affiliated
organizations, or those of the publisher, the editors and the
reviewers. Any product that may be evaluated in this article, or
claim that may be made by its manufacturer, is not guaranteed or
endorsed by the publisher.

Supplementary material

The Supplementary Material for this article can be found
online at: https://www.frontiersin.org/articles/10.3389/fvets.2023.
1166632/full#supplementary-material

References

1. Rault JL. Friends with benefits: social support and its relevance for farm animal
welfare. App Anim Behav Sci. (2012) 136:1–14. doi: 10.1016/j.applanim.2011.10.002

2. Rault JL. Be kind to others: prosocial behaviors and their implications for animal
welfare. App Anim Behav Sci. (2019) 210:113–23. doi: 10.1016/j.applanim.2018.10.015

3. Durrell JL, Sneddon IA, O’Connell NE, Whitehead H. Do pigs
form preferential associations? App. Anim Behav Sci. (2004) 89:41–
52. doi: 10.1016/j.applanim.2004.05.003

4. Reimert I, Bolhuis EJ, Kemp B, Rodenburg TB. Social support in pigs with different
coping styles. Physiol Behav. (2014) 129:221–9. doi: 10.1016/j.physbeh.2014.02.059

5. Silk JB, Beehner JC, Bergman TJ, Crockford C, Engh AL, Moscovice LR, et al.
Strong and consistent social bonds enhance the longevity of female baboons. Curr Biol.
(2010) 20:1359–61. doi: 10.1016/j.cub.2010.05.067

6. Foris B, Zebunke M, Langbein J, Melzer N. Comprehensive analysis of affiliative
and agonistic social networks in lactating dairy cattle groups. App Anim Behav Sci.
(2019) 210:60–7. doi: 10.1016/j.applanim.2018.10.016

7. Goumon S, Illmann G, Leszkowová I, Dostalová A. Dyadic affiliative
preferences in a stable group of domestic pigs. Appl Anim Behav Sci. (2020)
230:105045. doi: 10.1016/j.applanim.2020.105045

8. Guérineau C, Looke M, Ganassin G, Bertotto D, Bortoletti M, Cavicchioli L, et al.
Enrichment with classical music enhances affiliative behaviors in bottlenose dolphins.
Appl Anim Behav Sci. (2022) 254:105696. doi: 10.1016/j.applanim.2022.105696

9. Kohn GM. Friends give benefits: autumn social familiarity
preferences predict reproductive output. Anim Behav. (2017) 132:201–
8. doi: 10.1016/j.anbehav.2017.08.013

10. Schneider-Crease IA, Weyher AH, Mubemba B, Kamilar JM, Petersdorf M,
Chiou KL. Stronger maternal social bonds and higher rank are associated with
accelerated infant maturation in Kinda baboons. Anim Behav. (2022) 189:47–
57. doi: 10.1016/j.anbehav.2022.04.011

11. Ramp C, Hagen W, Palsbøll P, Bérubé M, Sears R. Age-related multi-year
associations in female humpback whales (Megaptera novaeangliae). Behav Ecol
Sociobiol. (2010) 64:1563–76. doi: 10.1007/s00265-010-0970-8

12. Schülke O, Bhagavatula P, Vigilant L, Ostner J. Social bonds
enhance reproductive success in male macaques. Curr Biol. (2010)
20:2207–10. doi: 10.1016/j.cub.2010.10.058

13. Gerber L, Connor RC, Allen SJ, Horlacher K, King SL, Sherwin WB, et al.
Social integration influences fitness in allied male dolphins. Curr Biol. (2022) 32:1664–
9.e.3. doi: 10.1016/j.cub.2022.03.027

Frontiers in Veterinary Science 13 frontiersin.org

https://doi.org/10.3389/fvets.2023.1166632
https://www.frontiersin.org/articles/10.3389/fvets.2023.1166632/full#supplementary-material
https://doi.org/10.1016/j.applanim.2011.10.002
https://doi.org/10.1016/j.applanim.2018.10.015
https://doi.org/10.1016/j.applanim.2004.05.003
https://doi.org/10.1016/j.physbeh.2014.02.059
https://doi.org/10.1016/j.cub.2010.05.067
https://doi.org/10.1016/j.applanim.2018.10.016
https://doi.org/10.1016/j.applanim.2020.105045
https://doi.org/10.1016/j.applanim.2022.105696
https://doi.org/10.1016/j.anbehav.2017.08.013
https://doi.org/10.1016/j.anbehav.2022.04.011
https://doi.org/10.1007/s00265-010-0970-8
https://doi.org/10.1016/j.cub.2010.10.058
https://doi.org/10.1016/j.cub.2022.03.027
https://www.frontiersin.org/journals/veterinary-science
https://www.frontiersin.org


Jowett et al. 10.3389/fvets.2023.1166632

14. Croft DP, Arrowsmith BJ, Bielby J, Skinner K, White E, Couzin ID, et al.
Mechanisms underlying shoal composition in the Trinidadian guppy, Poecilia
reticulata. Oikos. (2003) 100:429–38. doi: 10.1034/j.1600-0706.2003.12023.x

15. Duffy GA, Pike TW, Laland KN. Size-dependent directed social learning in nine-
spined sticklebacks. Anim Behav. (2009) 78:371–5. doi: 10.1016/j.anbehav.2009.05.015

16. Knörnschild M, Nagy M, Metz M, Mayer F, von Helversen O.
Complex vocal imitation during ontogeny of a bat. Biol Lett. (2010)
6:156–9. doi: 10.1098/rsbl.2009.0685

17. Vital C, Martins EP. Socially-central zebrafish influence group
behaviors more than those on the social periphery. PloS ONE. (2013)
8:e55503. doi: 10.1371/journal.pone.0055503

18. Morina DL, Demarais S, Strickland BK, Larson JE. While males fight, females
choose: male phenotypic quality informs female mate choice inmammals.Anim Behav.
(2018) 138:69–74. doi: 10.1016/j.anbehav.2018.02.004

19. Croft DP, Krause J, Darden SK, Ramnarine IW, Faria JJ, James R. Behavioral trait
assortment in a social network: patterns and implications. Behav Ecol Sociobiol. (2009)
63:1495–503. doi: 10.1007/s00265-009-0802-x

20. Mendonça RS, Pinto P, Inoue S, Ringhofer M, Godinho R, Hirata S. Social
determinants of affiliation and cohesion in a population of feral horses. App Anim
Behav Sci. (2021) 245:105496. doi: 10.1016/j.applanim.2021.105496

21. Górecki M, Sochacka J, Kazmierczák S. Dominance hierarchy, milking
order, and neighbour preference in domestic goats. Small Rumin Res. (2020)
191:106166. doi: 10.1016/j.smallrumres.2020.106166

22. Bartlett E, Cameron LJ, Freeman MS. A preliminary comparison between
proximity and interaction-based methods to construct equine (Equus caballus) social
networks. J Vet Behav. (2022) 50:5–6. doi: 10.1016/j.jveb.2022.01.005

23. Machado TMP, Filho LCPM, Daros RR, Machado GTBP, Hötzel MJ. Licking and
agonistic interactions in grazing dairy cows as indicators of preferential companies.
App Anim Behav Sci. (2020) 227:104994. doi: 10.1016/j.applanim.2020.104994

24. Marumo JL, Fisher DN, Lusseau D, Mackie M, Speakman JR, Hambly C. Social
associations in lactating dairy cows housed in a robotic milking system. App Anim
Behav Sci. (2022) 249:105589. doi: 10.1016/j.applanim.2022.105589

25. Ozella L, Price E, Langford J, Lewis KE, Cattuto C, Croft D. Association
networks and social temporal dynamics in ewes and lambs.App Anim Behav Sci. (2022)
246:105515. doi: 10.1016/j.applanim.2021.105515

26. Focardi S, Morimando F, Capriotti S, Ahmed A, Genov P. Cooperation improves
the access of wild boars (Sus scrofa) to food sources. Behav Processes. (2015) 121:80–
6. doi: 10.1016/j.beproc.2015.10.019

27. Bieber C, Rauchenschwandtner E, Michel V, Suchentrunk F, Smith S, Vetter SG.
Forming a group in the absence of adult females? Social networks in yearling wild boars.
App Anim Behav Sci. (2019) 217:21–7. doi: 10.1016/j.applanim.2019.05.006

28. Battocchio D, Iacolina L, Canu A, Mori E. How much does it cost
to look like a pig in a wild boar group? Behav. Processes. (2017) 138:123–
6. doi: 10.1016/j.beproc.2017.03.001

29. Gonyou HW. (2001). The social behavior of pigs. In: Keeling LJ, Gonyou
HW, editors. Social Behavior in Farm Animals. Oxon: CABI Publishing. p. 147–
76,. doi: 10.1079/9780851993973.0147

30. Bieber C, Ruf T. Population dynamics in wild boar Sus scrofa: ecology, elasticity
of growth rate and implications for the management of pulsed resource consumers. J
Appl Ecol. (2005) 42:1203–13. doi: 10.1111/j.1365-2664.2005.01094.x

31. Marchant Forde JN. Social behaviour in swine and its impact on welfare. In:
S. D’Alliere, Friendship, editors. Proceedings of the 21st International Pig Veterinary
Society Congress, IPVS 2010 (Vancouver, BC), (2010). p. 36–9.

32. Bench CJ, Rioja-Lang FC, Hayne SM, Gonyou HW. Group gestation
sow housing with individual feeding- II: how space allowance, group size
and composition, and flooring affect sow welfare. Livest Sci. (2013) 152:218–
27. doi: 10.1016/j.livsci.2012.12.020

33. Tönepöhl B, Appel AK, Vo,ß B, von Borstel UK, Gauly M. Interactions between
sows: aggressiveness post mixing and skin lesions recorded several weeks later. Appl
Anim Behav Sci. (2013) 144:108–15. doi: 10.1016/j.applanim.2013.01.004

34. Stolba A, Wood-Gush DGM. The behavior of pigs in a semi-natural
environment. Anim Prod. (1989) 48:419–25. doi: 10.1017/S0003356100040411

35. Peterson HV, Vestergaard K, Jensen P. Integration of piglets into social
groups of free-ranging domestic pigs. App Anim Behav Sci. (1989) 23:233–
9. doi: 10.1016/0168-1591(89)90113-5

36. Jensen P, Stangel G. Behavior of piglets during weaning in
a seminatural enclosure. Appl Anim Behav Sci. (1992) 33:227–
38. doi: 10.1016/S0168-1591(05)80010-3

37. Camerlink I, Proßeggar C, Kubala D, Galander K. Keeping littermates
together instead of social mixing benefits pig social behavior and growth post-
weaning. Appl Anim Behav Sci. (2021) 235:105230. doi: 10.1016/j.applanim.2021.
105230

38. Peden RSE, Turner SP, Boyle LA, Camerlink I. The translation of animal welfare
research into practice: the case of mixing aggression between pigs. Appl Anim Behav
Sci. (2018) 204:1–9. doi: 10.1016/j.applanim.2018.03.003

39. Turner SP, Horgan GW, Edwards SA. Assessment of sub-grouping behavior
in pigs housed at different group sizes. Appl Anim Behav Sci. (2003) 83:291–
302. doi: 10.1016/S0168-1591(03)00139-4

40. Camerlink I, Scheck K, Cadman T, Rault JL. Lying in spatial
proximity and active social behaviors capture different information when
analysed at group level in indoor-housed pigs. Appl Anim Behav Sci. (2021)
246:105540. doi: 10.1016/j.applanim.2021.105540

41. Kaufholz T, Franz M, Hammerstein P, Müller-Graf C, Selhórst T. Community
structure of domesticated pigs in livestock facilities. Prev Vet Med. (2021)
188:105260. doi: 10.1016/j.prevetmed.2021.105260

42. Rose PE, Croft DP. Social bonds in a flock bird: species differences and
seasonality in social structure in captive flamingo flocks over a 12-month period. Appl
Anim Behav Sci. (2017) 193:87–97. doi: 10.1016/j.applanim.2017.03.006

43. Val-Laillet D, Guesdon V, von Keyserlingk MAG, de Passillé AM,
Rushen J. Allogrooming in cattle: relationships between social preferences,
feeding displacements and social dominance. Appl Anim Behav Sci. (2009)
116:141–9. doi: 10.1016/j.applanim.2008.08.005

44. Robinson SJ, Barbieri MM, Murphy S, Baker JD, Harting AL, Craft ME, et al.
Model recommendations meet management reality: implementation and evaluation of
a network-informed vaccination effort for endangered Hawaiian monk seals. Proc R
Soc B: Biol Sci. (2018) 285:20171899. doi: 10.1098/rspb.2017.1899

45. Jowett S, Amory J. The stability of social prominence and influence in a
dynamic sow herd: a social network analysis approach. Appl Anim Behav Sci. (2021)
238:105320. doi: 10.1016/j.applanim.2021.105320

46. Krause J, James R, Franks DW, Croft DP. Animal Social
Networks. Oxford: Oxford University Press (2015). p. 96–7.
doi: 10.1093/acprof:oso/9780199679041.001.0001

47. Lusseau D, Newman MEJ. Identifying the role that animals play in their social
networks. Proc Biol Sci. (2004) 271:477–81. doi: 10.1098/rsbl.2004.0225

48. Gould RV, Fernandez RM. Structures of mediation: a formal
approach to brokerage in transmission networks. Sociol Methodol. (1989)
19:89–126. doi: 10.2307/270949

49. Jowett S, Barker Z, Amory J. The structure and temporal changes in
brokerage typologies applied to a dynamic sow herd. App Anim Behav Sci. (2022)
246:105509. doi: 10.1016/j.applanim.2021.105509

50. Büttner K, Scheffler K, Czycholl I, Krieter J. Network characteristics and
development of social structure of agonistic behavior in pigs across three
repeated rehousing and mixing events. Appl Anim Behav Sci. (2015) 168:24–
30. doi: 10.1016/j.applanim.2015.04.017

51. Hemsworth PH, Rice M, Nash J, Giri K, Butler KL, Tilbrooke AJ, et al.
Effects of group size and floor space allowance on grouped sows: aggression,
stress, skin injuries, and reproductive performance. J Anim Sci. (2013) 91:4953–
64. doi: 10.2527/jas.2012-5807

52. Martin P, Bateson P. Measuring Behaviour: An Introductory Guide. Cambridge:
Cambridge University Press (2007). p. 51. doi: 10.1017/CB09780511810893

53. Boyland NK, Mlynski DT, James R, Brent LJN, Croft DP. The social network
structure of a dynamic group of dairy cows: from individual to group level patterns.
App Anim Behav Sci. (2016) 174:1–10. doi: 10.1016/j.applanim.2015.11.016

54. Davis GH, Crofoot MC, Farine DR. Estimating the robustness and uncertainty
of animal social networks using different observational methods. Anim Behave. (2018)
141:29–44. doi: 10.1016/j.anbehav.2018.04.012

55. Freeman LC. Centrality in social networks: conceptual clarification. Soc
Networks. (1979) 1:215–39. doi: 10.1016/0378-8733(78)90021-7

56. Borgatti SP, Everett MG, and Johnson JC. Analysing Social Networks. 2nd ed.
London: SAGE Publishing Ltd. (2018). p. 333.

57. Wasserman S, Faust K. Structural Analysis in the Social Sciences: Social Network
Analysis: Methods and Applications. Cambridge: Cambridge University Press (1994).
p. 167–215. doi: 10.1017/CB09780511815478

58. Brent LJN. Friends of friends: are indirect connections in social
networks important to animal behavior? Anim. Behav. (2015) 103:211–
22. doi: 10.1016/j.anbehav.2015.01.020

59. Kong YX, Shi GY,Wu RJ, Zhang YC. K-core: theories and applications. Phys Rep.
(2019) 832:1–32. doi: 10.1016/j.physrep.2019.10.004

60. Fernandez RM, Gould RV. A dilemma of state power: brokerage and influence in
the national health policy domain.Am J Sociol. (1994) 99:1455–91. doi: 10.1086/230451

61. Borgatti SP, Everett MG, Freeman LC. UCINET for windows: Software for social
network analysis. Harvard: Analytic Technologies (2002).

62. R Core Team. (2017). R: A Language and Environment for Statistical Computing.
Vienna, Austria: R Foundation for Statistical computing.

63. Bates D, Maechler M, Bolker B, Walker S. Fitting linear mixed-effects models
using lme4. J Stat Softw. (2015) 67:1–48. doi: 10.18637/jss.v067.i01

64. Andersen IL, Bøe KE, Hove K. Behavioral and physiological thermoregulation in
groups of pregnant sows housed in a kennel system at low temperatures. Can J Anim
Sci. (1999) 80:1–8. doi: 10.4141/A98-075

Frontiers in Veterinary Science 14 frontiersin.org

https://doi.org/10.3389/fvets.2023.1166632
https://doi.org/10.1034/j.1600-0706.2003.12023.x
https://doi.org/10.1016/j.anbehav.2009.05.015
https://doi.org/10.1098/rsbl.2009.0685
https://doi.org/10.1371/journal.pone.0055503
https://doi.org/10.1016/j.anbehav.2018.02.004
https://doi.org/10.1007/s00265-009-0802-x
https://doi.org/10.1016/j.applanim.2021.105496
https://doi.org/10.1016/j.smallrumres.2020.106166
https://doi.org/10.1016/j.jveb.2022.01.005
https://doi.org/10.1016/j.applanim.2020.104994
https://doi.org/10.1016/j.applanim.2022.105589
https://doi.org/10.1016/j.applanim.2021.105515
https://doi.org/10.1016/j.beproc.2015.10.019
https://doi.org/10.1016/j.applanim.2019.05.006
https://doi.org/10.1016/j.beproc.2017.03.001
https://doi.org/10.1079/9780851993973.0147
https://doi.org/10.1111/j.1365-2664.2005.01094.x
https://doi.org/10.1016/j.livsci.2012.12.020
https://doi.org/10.1016/j.applanim.2013.01.004
https://doi.org/10.1017/S0003356100040411
https://doi.org/10.1016/0168-1591(89)90113-5
https://doi.org/10.1016/S0168-1591(05)80010-3
https://doi.org/10.1016/j.applanim.2021.105230
https://doi.org/10.1016/j.applanim.2018.03.003
https://doi.org/10.1016/S0168-1591(03)00139-4
https://doi.org/10.1016/j.applanim.2021.105540
https://doi.org/10.1016/j.prevetmed.2021.105260
https://doi.org/10.1016/j.applanim.2017.03.006
https://doi.org/10.1016/j.applanim.2008.08.005
https://doi.org/10.1098/rspb.2017.1899
https://doi.org/10.1016/j.applanim.2021.105320
https://doi.org/10.1093/acprof:oso/9780199679041.001.0001
https://doi.org/10.1098/rsbl.2004.0225
https://doi.org/10.2307/270949
https://doi.org/10.1016/j.applanim.2021.105509
https://doi.org/10.1016/j.applanim.2015.04.017
https://doi.org/10.2527/jas.2012-5807
https://doi.org/10.1017/CB09780511810893
https://doi.org/10.1016/j.applanim.2015.11.016
https://doi.org/10.1016/j.anbehav.2018.04.012
https://doi.org/10.1016/0378-8733(78)90021-7
https://doi.org/10.1017/CB09780511815478
https://doi.org/10.1016/j.anbehav.2015.01.020
https://doi.org/10.1016/j.physrep.2019.10.004
https://doi.org/10.1086/230451
https://doi.org/10.18637/jss.v067.i01
https://doi.org/10.4141/A98-075
https://www.frontiersin.org/journals/veterinary-science
https://www.frontiersin.org


Jowett et al. 10.3389/fvets.2023.1166632

65. Red Tractor Assurance for Farms-Pigs Standards, ©, and Assured Food Standards.
Version 4.4. Housing, Shelter and Handling Facilities (HF), H.F.f.1, (2017). p. 7.

66. Voelkl B. The evolution of generalised reciprocity in social interaction networks.
Theor Popul Biol. (2015) 104:17–25. doi: 10.1016/j.tpb.2015.06.005

67. Foris B, Haas HG, Langbein J, Melzer N. Familiarity influences
social networks in dairy cows after regrouping. J Dairy Sci. (2021)
104:3485–94. doi: 10.3168/jds.2020-18896

68. Bray J, Feldblum JT, Gilby IC. Social bonds predict dominance
trajectories in adult male chimpanzees. Anim Behav. (2021) 179:339–
54. doi: 10.1016/j.anbehav.2021.06.031

69. Fang G, Jiao HT, Wang MY, Huang PZ, Liu XM, Qi XG, et al. Female
demographic changes contribute to the maintenance of social stability within a
primatemultilevel society.AnimBehav. (2022) 192:101–8. doi: 10.1016/j.anbehav.2022.
07.018

70. Mauget R. Behavioral and reproductive strategies in wild forms of Sus
scrofa (European wild boar and feral pigs). In: Sybesma W, editor. The Welfare
of Pigs The Hague, Martinus Nijhoff. (1981). p. 3–13. doi: 10.1007/978-94-011-
9574-4_1

71. Cousse S, Spitz F, Hewison M, Janeau G. Use of space by juveniles in relation to
their postnatal range, mother, and siblings: an example in the wild boar, Sus scrofa L.
Can J Zool. (1994) 72:1691–4. doi: 10.1139/z94-227

72. Špinka M, Illmann G, de Jonge F, Andersson M, Schuurman T,
Jensen P. Dimensions of maternal behavior characteristics in domestic
and wild x domestic crossbred sows. Appl Anim Behav Sci. (2000)
70:99–114. doi: 10.1016/S0168-1591(00)00151-9

73. Van der Staay FJ, de Groot J, Schuurman T, Korte SM. Repeated social
defeat in female pigs does not induce neuroendocrine symptoms of depression, but
behavioral adaptation. Physiol Behav. (2008) 93:453–60. doi: 10.1016/j.physbeh.2007.
10.002

74. Boumans IJMM, de Boer IJM, Hofstede GJ, Bokkers EAM. How social factors
and behavioral strategies affect feeding and social interaction patterns in pigs. Physiol
Behav. (2018) 194:23–40. doi: 10.1016/j.physbeh.2018.04.032

75. McFarland R, Majola B. Coping with the cold: predictors of
survival in wild Barbary macaques, Macaca sylvanus. Biol Lett. (2013)
9:20130428. doi: 10.1098/rsbl.2013.0428

76. McFarland R, Fuller A, Hetern RS, Mitchell D, Maloney SK, Henzi SP. Social
integration confers thermal benefits in a gregarious primate. J Anim Ecol. (2015)
84:871–8. doi: 10.1111/1365-2656.12329

77. McFarland R, Murphy D, Lusseau D, Henzi SP, Parker JL, Pollet TV, et al. The
‘strength of weak ties’ among female baboons: fitness-related benefits of social bonds.
Anim Behav. (2017) 126:101–6. doi: 10.1016/j.anbehav.2017.02.002

78. Silk JB, Seyfarth RM, Chency DL. Quality versus quantity: do weak
bonds enhance the fitness of a female baboon? Anim. Behav. (2018) 140:207–
11. doi: 10.1016/j.anbehav.2018.04.013

79. Granovetter MS. The strength of weak ties. Am J Sociol. (1973) 78:1360–
80. doi: 10.1086/225469

80. Sundaresan SR, Fischhoff IR, Dushoff J, Rubenstein DI. Network metrics reveal
differences in social organization between two fission-fusion species, Grevy’s zebra and
onager. Oecologia. (2007) 151:140–9. doi: 10.1007/s00442-006-0553-6

81. Ilany A, Barocas A, Koren L, Kam M, Geffen E. Structural balance
in the social networks of a wild mammal. Anim Behav. (2013) 85:1397–
405. doi: 10.1016/j.anbehav.2013.03.032

82. Kulahci IG, Quinn JL. Dynamic relationships between information
transmission and social connections. Trends Ecol Evol. (2019) 34:545–
54. doi: 10.1016/j.tree.2019.02.007

83. Abeyesinghe SM, Drewe JA, Asher L, Wathes CM, Collins LM. Do hens have
friends? App. Anim Behav Sci. (2013) 143:61–6. doi: 10.1016/j.applanim.2012.12.003

84. Rodenberg TB, Koene P. The impact of group size on damaging behaviors,
aggression, fear and stress in farm animals. App Anim Behav Sci. (2007) 103:205–
14. doi: 10.1016/j.applanim.2006.05.024

85. Gutmann AK, Špinka M, Winckler C. Long-term familiarity creates
preferred social partners in dairy cows. Appl Anim Behav Sci. (2015)
169:1–8. doi: 10.1016/j.applanim.2015.05.007

Frontiers in Veterinary Science 15 frontiersin.org

https://doi.org/10.3389/fvets.2023.1166632
https://doi.org/10.1016/j.tpb.2015.06.005
https://doi.org/10.3168/jds.2020-18896
https://doi.org/10.1016/j.anbehav.2021.06.031
https://doi.org/10.1016/j.anbehav.2022.07.018
https://doi.org/10.1007/978-94-011-9574-4_1
https://doi.org/10.1139/z94-227
https://doi.org/10.1016/S0168-1591(00)00151-9
https://doi.org/10.1016/j.physbeh.2007.10.002
https://doi.org/10.1016/j.physbeh.2018.04.032
https://doi.org/10.1098/rsbl.2013.0428
https://doi.org/10.1111/1365-2656.12329
https://doi.org/10.1016/j.anbehav.2017.02.002
https://doi.org/10.1016/j.anbehav.2018.04.013
https://doi.org/10.1086/225469
https://doi.org/10.1007/s00442-006-0553-6
https://doi.org/10.1016/j.anbehav.2013.03.032
https://doi.org/10.1016/j.tree.2019.02.007
https://doi.org/10.1016/j.applanim.2012.12.003
https://doi.org/10.1016/j.applanim.2006.05.024
https://doi.org/10.1016/j.applanim.2015.05.007
https://www.frontiersin.org/journals/veterinary-science
https://www.frontiersin.org

	Preferential associations in an unstable social network: applying social network analysis to a dynamic sow herd
	Research highlights
	1. Introduction
	2. Methods
	2.1. Animals and housing
	2.2. Video observation data
	2.3. Behavioral measures
	2.4. Construction of the social network and social network metrics
	2.4.1. Centrality measures: betweenness centrality and degree centrality
	2.4.2. Centralization
	2.4.3. External-internal index
	2.4.4. Density
	2.4.5. Reciprocity
	2.4.6. Clustering coefficient
	2.4.7. Quantification of the subgroups
	2.4.8. The application of brokerage typologies

	2.5. Social network analysis and statistics
	2.6. Ethics

	3. Results
	3.1. Visualization of the networks
	3.2. Network descriptive measures and structure
	3.3. Application of the E-I Index
	3.4. Application of the subgroups (k-cores)
	3.5. Sociability and the subgroups (k-cores)
	3.6. Sociability and parity
	3.7. Application of the brokerage typologies

	4. Discussion
	5. Conclusion
	Data availability statement
	Ethics statement
	Author contributions
	Acknowledgments
	Conflict of interest
	Publisher's note
	Supplementary material
	References


